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Abstract

Black Sigatoka, caused by the fungus P. fijiensis, is the most severe disease that affects
bananas (Musa spp). Research has projected increases in disease severity in response to
climate change and variability, highlighting the need to analyze the relative contributions of
climate change and immediate responses to their effects on these crops. This study aimed to
analyze the influence of climate variability and spatiotemporal variability of soil and climatic
conditions on Black Sigatoka. In addition, it was evaluated the use of geostatistical,
geomatics, remote sensing, and geographic information systems techniques for disease
detection over the past 30 years. A systematic review of 156 articles was conducted using
bibliometric analysis, considering descriptive statistics and bibliometric mapping using
VOSviewer. The results showcased geostatistical methods used to measure Sigatoka
infection in banana crops and identify soil and climatic variables associated with this disease.
It is concluded that climate change has the potential to increase Black Sigatoka infection,
but precision agriculture could be an effective tool to mitigate the negative impact on banana
Ccrops.

Keywords
Banana cultivation, black sigatoka, climate change, crop monitoring, precision
agriculture.

Resumen

La sigatoka negra producida por el hongo P. fijiensis, es la enfermedad mas severa que
afecta al banano (Musa spp). Existen investigaciones que han proyectado incrementos en la
severidad de la enfermedad en respuesta al cambio climatico y la variabilidad climatica, por
lo que es necesario analizar las contribuciones relativas de los cambios del clima y las
respuestas inmediatas a sus efectos en este tipo de cultivos. El objetivo de este estudio fue
analizar la influencia de la variabilidad climatica y la variabilidad espaciotemporal de las
condiciones edafoclimaticas sobre sigatoka negra. Ademas, se evalué el uso de técnicas
geoestadisticas, geomaticas, de teledeteccion y sistemas de informacién geografica para la
detecciéon de la enfermedad durante los Gltimos 30 afos. Se adopt6 una revisién sistematica
de 156 articulos mediante analisis bibliométrico considerando estadisticas descriptivas y
mapeo bibliométrico utilizando VOSviewer. Los resultados muestran métodos geoestadisticos
utilizados para medir la infeccién por Sigatoka en cultivos de banano e identifican variables
del suelo y climaticas asociadas con esta enfermedad. Se concluye que el cambio climatico
tiene el potencial de incrementar la infeccién de sigatoka negra, pero la agricultura de
precisiéon podria ser una herramienta eficaz para disminuir el impacto negativo en los
cultivos de banano.

Palabras clave

Cultivo de banano, sigatoka negra, cambio climatico, monitoreo de cultivos, agricultura
de precision.

Pagina 2 | 30



L. M. Torres et al. TecnoLégicas, Vol. 27, no. 61, e3158, 2024

1. INTRODUCTION

Banana (Musa spp.) is one of the most consumed fruits in the world, with a production of
approximately 107 million tons per year-1; it is the fourth most crucial food commodity after
wheat, rice, and corn [1] and is responsible for feeding more than 500 million people [2], which
represents an important economic sector worldwide. The countries with the highest
production are India and China, with 33 and 11 million tons per year, respectively [1]; its
consumption has spread in those countries located in tropical and subtropical regions
(approximately 120 to 130 countries) [3].

It is considered among the first fruits harvested by primitive agriculture and has been
present in various cultures and civilizations for centuries; it grows throughout the year with
a maturity period of 11 months to 12 months, thrives best in deep and well-drained soils
common 1in the tropics within temperature ranges of 20°C to 30°C and rainfall between
1800 mm and 2500 mm per year, planting is mainly vegetative using sprouts from already
established colonies [4]-[6]. However, banana production, mainly for domestic markets, has
developed in many subtropical areas under less-than-optimal conditions, where water
shortages and high temperatures exacerbate the spread of foliar diseases and reduce crop
yields, posing significant challenges in the face of climate change for banana production
systems [7], [8].

Pests and diseases are another area of concern, as they can spread and become severe,
reducing production, with increased use of biocides with consequent food safety issues
[9]- [11]. Black Sigatoka, caused by the fungus P. fijiensis, has been identified as the disease
that most generates a reduction in banana production in the world [12]-[14]. In general, the
evolution of the disease is caused by the dynamics of the export and import of black Sigatoka-
infected fruits in addition to favorable climatic and edaphic conditions [12], [15]-[18].
P. fijiensis restricts the photosynthetic area of banana leaves. The symptoms initially appear
as streaks and, in later stages, can cause complete leaf necrosis. This can result in up to
100 % yield loss, depending on the variety of the cultivar, environmental conditions, and
severity of the disease. [2]. It also causes heavy yield drop, early fruit ripening, and
significant economic loss [19]- [21].

In Latin America and the Caribbean, Brazil, Ecuador, Guatemala, Costa Rica, Colombia,
Mexico, and Peru- in this order sequence -are among the 20 countries that produce the most
bananas, representing 26 % of production and the first positions in exports worldwide [1].
However, Latin America is one of the regions that provide an ideal microclimate for black
sigatoka (P. fijiensis) infection, offering humidity and temperature (minimum 12°C, average
27°C and maximum 36°C) suitable for the development of the disease, which occurs in many
banana-producing areas throughout the year [14], [22].

Colombia, in 2021, produced approximately 2.4 million tons of bananas, of which 87 %
were exported [1]. About 72236 hectares are destined for banana cultivation [23]. However,
worldwide, banana production indistinctly by region, has been affected over time by fungal
diseases such as black Sigatoka (P. fijiensis) and Fusarium R4T (Fusarium oxysporum f. sp.
Cubense race 4 (Foc4)) [24]-[27], which limit the crop, causing considerable yield losses
[28]-[30]. Generally, these diseases reproduce in a particular proportion due to increased
atmospheric phenomena and climatic variability [15].

Black Sigatoka (P. fijiensis) , which originated in Asia, emerged in the late twentieth
century and has recently finished spreading throughout banana-growing regions in Latin
America and the Caribbean [15]; its spread provides an example of biotic-abiotic migration,
where the intersection of biologically and climatically suitable regions, together with
increasing international trade and transport have made banana production systems more
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vulnerable to infection [15]. It is caused by the fungus P. fijiensis and is considered one of the
most damaging diseases affecting banana crops. Its evolution depends on climatic conditions,
and infection initiates in young leaves [31]. This fungus generates total leaf necrosis, sharp
drops in production, early fruit ripening, and essential economic loss due to reduced
production [2]. Additionally, it is primarily controlled with fungicides, but these treatments
not only pose health risks to humans but also come with significant costs [2], [29], [32]-[34].

The establishment and spread of black sigatoka worldwide, while driven by increased
banana production and global trade, has also been potentially facilitated by climate change
and global warming, which have generated favorable environmental conditions for the
germination and increased severity of black sigatoka [15], [35]. In general, the evolution of
the disease depends on favorable climatic conditions [31]. However, a direct relationship has
also been reported between some nutrients and physicochemical properties of the soil and
the severity of black Sigatoka, which reduces the defense response of plants [16], [36].

Detection, monitoring, and early detection of P. fijiensis are critical in banana crop
production [37], [38]. The traditional detection method for disease management is manual,
time-consuming, and labor-intensive, making it challenging to meet export and large-scale
development requirements because of the health and production problems associated with
the chemicals used [39]. In recent years, accurate and reliable disease detection has been
facilitated by highly sophisticated and innovative methods, which relate the spatio-temporal
distribution of this disease to environmental factors, such as soil fertility and climate.
Modern epidemiology has used geostatistics, a technique that uses GIS, remote sensing and
statistics through spatial analysis and the use of sensors to analyze and monitor
environmental and agricultural processes [40]-[46]. Geostatistics uses the generated
semivariograms to analyze the data and kriging maps to estimate values at unsampled
locations with no trend and minimal variance [47].

Despite the use of these technologies, there are still challenges in detecting crop diseases
using aerial imagery obtained from manned drones and UAVs or satellites. While many crop
diseases can be successfully detected and mapped using satellite or drone imagery, each has
unique detection and management characteristics [44]. Much has been studied on black
sigatoka (P. fijiensis) infection using statistical and geostatistical techniques [2], [12], [16]-
[18], [28], [48]-[50]; however, these methodologies have not been explored in detail, there are
still gaps in research explaining how edaphoclimatic conditions influence disease. This study
emphasizes the use of precision agriculture as a potential solution to the exacerbated effects
of black sigatoka, identifying the edaphic properties and climatic variables related to its
infection. It addresses aspects linked to the detection, mitigation, and management of black
sigatoka. Additionally, it reports on geostatistical methods applied in the experimental
design of sampling, which facilitate the subsequent analysis of data, including the
visualization of results through maps, thereby providing a better understanding of the
disease distribution in the field. In this regard, this review highlights various statistical and
geostatistical techniques through spatial analysis and sensors used to study the infection of
P. fijiensis and its relationship with edaphoclimatic conditions.

2. METHODOLOGICAL ASPECTS

Based on [51], the study was organized into four key stages: 1) data collection, 2) data
filtering, 3) data analysis, and 4) conceptual discussion and recommendations for future
research. A methodology that integrates systematic review with bibliometric analysis using
VOSviewer 1.6.20, a tool designed for informetric, bibliometric, and scientometric analysis
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[61], was employed. In this study, co-occurrence analysis was adopted for author keywords,
titles, and abstracts, allowing for the visualization of relationships between them and
identifying trends and patterns in the literature on P. fijiensis infection and its relationship
with edaphic conditions, precision agriculture, and SIG approaches. Through VOSviewer,
visual maps are generated that help in understanding the current state of research and
highlighting areas that require more attention. Figure 1 depicts the framework of the study,
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including a diagram of the stages and their descriptions.
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Figure

1. Study flow diagram. Source: own elaboration.
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2.1 Literature search strategy

The search utilized bibliographic databases including Scopus, PubMed, and Google
Scholar. Titles and abstracts were selected based on these criteria: (1) articles published in
peer-reviewed journals, books, book chapters, and conference papers; (2) publications dating
from January 1993 to September 2023; this range was selected due to its temporal relevance
in addressing the evolution of research on black Sigatoka infection in banana crops, climate
change, and GIS approaches over 30 years, encompassing technological advances and
preparing for future challenges; (3) no restrictions on the country of origin of the article,
provided that most articles were published in English; and (4) those associated with the
application of precision agriculture in banana crops.

Because the literature was sourced from three different databases, keyword combinations
were meticulously crafted to encompass the study's intended scope and were applied
consistently across all databases. The terms used are "climate change", "global warming",
"climate", "soil", "black Sigatoka", "foliar diseases", "banana crops", "spatiotemporal
variability", "climate variability", "spatial variability of soil", "temporal variability of soil",
"aboveground biomass", "detection of pests and diseases", "GIS", and "geostatistics". Multiple
combinations of these keywords ensured a comprehensive search of all relevant articles. They
were chosen to ensure a comprehensive perspective on automated construction monitoring
while allowing for the exclusion of unrelated articles in later stages. In total, 1800
publications were gathered. The entire search syntax and articles collected by databases after
applying shallow filters, including publications of the highest relevance and those for which
no full text or access was available, are listed in Table 1. For Google Scholar, it was not
possible to apply filters.

Table 1. Synthesis of compiled publications. Source: own elaboration.

Database Keyword combination Duration Initial Exclusion

results result
TITLE-ABS-KEY ("Banana" OR "Geostatistics" OR
"Black Sigatoka" OR "Spatial variability" OR "GIS"
Scopus R Kriging" OR "Climate change” OR "Soil 10056 1138
properties" OR "Precision Agriculture")
("Banana" OR "Geostatistics" OR "Black Sigatoka" 1993 to
OR "Spatial variability" OR "GIS" OR "Kriging" OR  September
PubMed "Climate change" OR "Soil properties" OR 2023 3776 471
"Precision Agriculture")
Google Banana OR Geostatistics OR Black Sigatoka OR
Sch gl Spatial variability OR GIS OR Kriging OR Climate - 185
cholar change OR Soil properties OR Precision Agriculture
Total publications 1800

2.2 Data filtering

The filtering process was conducted rigorously across all databases. Initially, 1800
publications were identified. A preliminary review of titles and abstracts led to the exclusion
of 1409 publications due to lack of relevance. Next, 173 duplicate articles were removed. A
thorough reading of the remaining 218 articles resulted in the exclusion of 62 based on their
contributions to the study. Ultimately, 156 articles were selected for analysis. A summary of
the filtering process is presented in Table 2.
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Table 2. Summary of publication exclusion. Source: own elaboration.

Database Collected Exclusions Relovant
studies Surface Repeated In-depth publications
review publications review
Scopus 1.138 838 173 16 111
PubMed 477 415 35 27
Google Scholar 185 156 11 18
Exclusions 0 1409 173 62

Remaining 1800 391 218 156 156

2.3 Analysis of publications

In this study, bibliometric analysis and bibliometric network mapping were performed for
156 selected publications. The analysis is explained by considering the publications by year,
database and language, journal of publication, and network maps of author keywords that
are most repeated among all the selected publications. In addition, network maps of the titles
and abstracts were created. The full reference records for the chosen papers were imported
into the Mendeley reference manager. Additional data were organized in Microsoft Excel for
coding and analysis purposes. A standardized form was used to extract the following
information: title, author(s), publication year, journal name, authors' keywords, and abstract.
Subsequently, the information was migrated to R 4.3.0 for visualization and bibliographic
analysis and to VOSviewer 1.6.20 to create a network map.

3. RESULTS AND DISCUSSION
3.1 Characterization of the selected articles

In total, 107 journals published the selected articles; the top 20 journals are shown in
Figure 2, with the top seven journals being Catena (6 articles), Sustainability (Switzerland)
(5 articles), Plants (5 articles), Science of the Total Environment (4 articles), PLoS One
(4 articles), Geoderma (4 articles), and Plant Disease (3 articles) together accounting for 20 %
of the selected publications. The journals Catena, Science of the Total Environment, and
Geoderma are affiliated with Elsevier; the journals Sustainability (Switzerland) and Plants
are affiliated with MDPI; and the journals PLoS One and Plant Disease are affiliated with
the Public Library of Science (PLoS) and The American Phytopathological Society,
respectively.

The selected articles covered 30 years of publications, mostly in English (Figure 3),
showing increasing research interest (Figure 4). The publications are based on strategies to
cope with climate change, considering the global expansion of Black Sigatoka and the
incidence of climatic and edaphic variables in its occurrence in banana crops. In addition,
this study explores the application of geostatistical techniques and GIS in its detection. In
this sense, this article provides a comprehensive perspective, highlighting the future
challenge of climate change in detecting this disease in banana crops.
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Figure 2. Top 20 journals for selected article publications. Source: own elaboration.
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Figure 3. Number of selected articles by language and database. Source: own elaboration.

Figure 5 illustrates the annual distribution of articles published per database from 1993
to September 2023. The trend line indicates that researchers' interest has not waned, as it
shows an upward trajectory each year. Overall, Scopus publishes the maximum number of
research articles related to the detection of black Sigatoka in banana crops.
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Figure 4. Number of selected articles by year of publication. Source: own elaboration.
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Figure 5. Summary of selected documents by databases. Source: own elaboration.

In this study, a bibliometric mapping was conducted to analyze author keywords and
keywords found in the title and abstract of the selected publications. In this regard, a co-
occurrence analysis was adopted for these keywords using VOSviewer. The co-occurrence
analysis of keywords was conducted in the selected publications (156) by importing a data
file in text format to VOSviewer containing only year and author keywords. In the 156
publications, 478 author keywords were identified, with 21 of these meeting the threshold
criterion, as the minimum number of occurrences required for a keyword was set at four. The
top three author keywords were "Banana" (19.5 %), "Geostatistics" (13.3 %), and "Black
Sigatoka" (10.9 %) with occurrence rates of 25, 17, and 14, respectively, for an average
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publication year of 2018, 2013, and 2017 (Table 3). Figure 6 displays the co-occurrence author
keyword mapping network, and a summary of the top 10 co-occurring keywords is presented
in Table 3. The keyword mapping is divided into five groups, each illustrating the correlation
network among the keywords. However, the terms "Banana" and "Black Sigatoka" show a
higher correlation with each other compared to the term "Geostatistics".

ecosystép service
land use

deep .:'”5 remotesensing
precision@griculture gis

kriging g semivagograms

geos@é&s spatial i@riability g

climatéghange Plant disease

musasspp

. black sigatoka
mycosphaerella’

banana

plantain

Figure 6. Author keywords co-occurrence mapping. Source: own elaboration.

Table 3. Summary of the mapping of the top 10 author keywords. Source: own elaboration.

Keyword Occurrences Percentage Links Avg. pub. year
Banana 25 19.5 11 2018
Geostatistics 17 13.3 8 2013
Black sigatoka 14 10.9 9 2017
Soil property 13 10.2 10 2017
Spatial variability 12 9.4 6 2014
Climate change 11 8.6 3 2017
GIS 11 8.6 9 2015
Musa spp 10 7.8 7 2016
Land use 8 6.3 7 2016
Kriging 7 5.5 8 2015

Likewise, bibliometric mapping was performed using several RIS files of the studies that
contained the details of the titles and abstracts. Thus, repeated terms or keywords were
identified, and co-occurrence mapping was performed. In the 156 publications, 5027 terms
were found, with 119 keywords meeting the threshold point, as the minimum number of
occurrences for a keyword was set at 10, with the top three terms extracted from the titles
and abstracts being the keywords Disease (17.3 %), Soil (16.2 %), and Banana (10.3 %) with
occurrence rates of 138, 129, and 82, for an average publication year of 2017, 2015, and 2016,
respectively (Table 4). Figure 7 shows the mapping network of keyword-related terms
extracted from the titles and abstracts of the selected publications. A summary of the top 10
co-occurring keywords is provided in Table 3. The keyword mapping was distributed into four
groups, with each group illustrating the correlation network among the keywords. However,
the terms "Disease" and "Banana" show a higher correlation with each other compared with
the term "Soil".
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Figure 7. Co-occurrence mapping of titles and abstracts. Source: own elaboration.

Table 4. Summary of the mapping of the top 10 title and abstract terms. Source: own elaboration.

Keyword Occurrences Percentage Links Avg. pub. year
Disease 138 17.3 50 2017
Soil 129 16.2 63 2015
Banana 82 10.3 46 2016
Soil property 79 9.9 48 2017
Climate change 70 8.8 49 2017
Variability 66 8.3 53 2015
Change 62 7.8 53 2016
Impact 61 7.7 60 2017
Map 55 6.9 57 2015
Spatial variability 54 6.8 48 2015

3.2 Strategies to cope with climate change

Climate change poses a risk to food security by affecting crop physiology and productivity
both directly and indirectly through interactions with pests and diseases. Although the
relationships between host plants, pathogens, and environmental factors can be complex,
recent studies are uncovering general trends on how plant pests and diseases might further
1impact crop yields in a changing climate [52]. Major contributors to production losses include
agricultural pests and diseases, which together account for nearly 5 % of global GDP,
equivalent to approximately US$ 1.4 trillion [28].

Currently, climate change is increasingly threatening sustainability in several major
banana growing regions, requiring responses to effective management of black sigatoka (P.
fijiensis), which has severe direct impacts on production as well as indirect implications
through damage to human and environmental health caused by fungicides used for its control
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[63]. Therefore, research is needed to address the monitoring of environmental conditions
and management of black Sigatoka to increase crop yields, reduce costs, and investigate the
effect of fungicides on the environment and human health.

Edaphoclimatic conditions affect banana crop yields in Colombia [24], [36], [54].
Edaphoclimatic conditions are influenced by dry and rainy seasons, affecting banana crop
yield and facilitating black Sigatoka infection in cultivars [12]. Therefore, it is essential to
study them for information that is widely used for the tropics and subtropics, providing a
greater understanding of edaphoclimatic conditions associated with black Sigatoka infection
and options for transferring knowledge and geospatial technologies between sites.

In terms of production and academic contributions, quantifying optimal edaphoclimatic
conditions for banana productivity is critical to assess seasonal crop climate variability and
black Sigatoka incidence and, subsequently, predict the potential impacts of climate change
on banana production systems to ensure food security [8]. Ideally, this requires collecting
data from experiments and field trials conducted under various edaphoclimatic and sanitary
conditions to demonstrate their influence on crop yield.

In the last decade, the use of geostatistical methods in agriculture has increased the
potential for developing comprehensive spatial frameworks that facilitate the establishment
of agricultural databases and enhance both farm management and food security [44], [55].
These data systems enable farmers to retrieve spatially referenced agricultural information
instantly, offering accurate location data that supports decision-making and improves the
tracking of crop yields and the spread of pests and diseases [40], [56]—[59].

While the use of technologies in agriculture can help optimize crops and facilitate farm
management decisions to solve food insecurity challenges, adopting geospatial technology
requires large amounts of high-resolution spatial data and considerable time [44]. Therefore,
it is crucial to have geospatial information to collect, store, integrate, query, display, and
analyze geospatial data of soil and climatic conditions in banana crops at a temporal scale.

3.3 Global expansion of the Black Sigatoka

Black Sigatoka is a significant foliar disease for banana cultivation; it was detected in
1963 in southeastern Viti Levu, 60 km from the Sigatoka valley on the island of Fiji, where
the disease reached epidemic proportions [20], [63] and has since spread throughout the
tropics and subtropics, perhaps encouraged by climate change [15]. However, herbarium
specimens indicate that it was present in Taiwan in 1927 [21] and in Hawaii in 1961 [12].
Dispersal in Latin America began in Honduras in 1972 and then moved to Africa in Zambia
in 1973 [10], probably with infected plants from Asia imported for a banana breeding program
[60]. By 1980, black sigatoka had spread more widely throughout Asia and Africa; by 1999,
it had spread to the South American continent and the Caribbean [12]. In Colombia, it was
first detected in Uraba in 1981, and six years later, it became endemic, where more than
600.000 infected banana boxes were reported, becoming the primary cause of production
losses [54].

3.4 Climate and the Black Sigatoka
Due to climate variability, the Black Sigatoka has become more aggressive [61]. In
particular, [49] show that agricultural trade and climatic conditions can play essential roles

in the spread of black Sigatoka between countries. Even with stringent import restrictions
and safety measures in place to theoretically prevent the spread of crop diseases between
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countries through the transfer of diseased material, the diseases can still be transmitted over
long distances from other locations under favorable climatic conditions.

Many studies report that climatic factors influence black Sigatoka infection (Table 5) and
relate disease incidence and severity to rainfall [9], [12], [54], [62]. However, other authors
have reported that other climatic variables, such as relative humidity, evapotranspiration,
solar radiation, and leaf wetness, affect disease severity [12], [18], [49], [63], [64].

Table 5. Climatic variables associated with black sigatoka infection. Source: own elaboration.

Climatic variables Objective of the study Authors
Precipitation, relative This research creates an empirical model to analyze the spread

humidity, canopy of black sigatoka between countries and its effects within

temperature, canopy individual nations, utilizing historical spread timelines, [49]
humidity, evapotranspiration biophysical models, local climate data, and agricultural data at

and wind velocity the country level.

This study determined the relationship between climate,
edaphic properties, and the incidence of black sigatoka.

This study evaluates the influence of different climatic patterns
represented by rainy and dry seasons on the effectiveness of
Precipitation and biological and chemical control methods to mitigate Black
temperature Sigatoka disease in banana plantations, in order to identify
more effective management strategies under different climatic
conditions.

Precipitation

This study evaluates the relationship between black sigatoka
severity in different geographical areas and factors such as

Precipitation and plant age, rainfall, and temperature, in order to better [62]

temperature understand the patterns of disease incidence under different
climatic conditions and growth stages of banana plants.
This study uses the CLIMEX model to globally map the
Temperature, relative distribution of black sigatoka, considering climatic variables
1 . . . . [12]
humidity, and precipitation and the role of irrigation to validate the model as an index of
disease pressure.
C . . This study developed a predictive model of black sigatoka
Precipitation, relative . . . . . . .
S disease severity in banana crops, integrating climatic variables
humidity, temperature, and . . . . .. [63]
D in order to improve the scheduling and efficacy of fungicide
solar radiation L .
application for disease control.
N This study designs a wireless sensor network based on
Temperature, precipitation, .. . . . . . .
C . predictive models to monitor climatic variables associated with
solar radiation, relative . . S . [64]
L1 . . Black Sigatoka in banana crops to facilitate early scheduling of
humidity, and wind velocity ..
fungicide treatments.
This study determines the relationship between black Sigatoka
Temperature, relative severity and climatic conditions by correlation analysis with [18]
humidity, precipitation the quantification of M. fijiensis spores in different sampling

periods (dry and rainy seasons).

3.5 Soil and Black Sigatoka

Sustainable soil management for banana crops depends on the availability of nutrients in
the soil. It is conditioned by a nutrient balance in which the concentration, fixation, and losses
in the production system are evaluated [65]. Plants growing in excellent and fertile edaphic
conditions usually show a lower incidence and severity of pests and diseases than those
growing in poorer soils [66]. Organic matter, nutrients, and soil physicochemical conditions
have been reported to reduce disease severity and improve banana crop yields [66]-[68].
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Some research has shown relationships between soil fertility and black Sigatoka severity
[16], [24], [36], [48], [54], [69]-[71] (Table 6), indicating that the higher the soil fertility level,
the lower the severity of black Sigatoka. Fertile soils, particularly those rich in organic
matter, encourage increased root branching. This leads to improved absorption of water and
nutrients, resulting in more vigorous plants with more effective leaves. These plants quickly
produce new foliage, which helps them endure less damage, experience slower progression of
symptoms, have less leaf area affected, and enjoy a longer lifespan for their leaves [66]. Thus,
appropriate and balanced fertilization can help minimize nutritional imbalances in banana
plants and decrease the frequency of fungicide applications needed to manage the
disease [48].

Table 6. Soil variables associated with black sigatoka infection. Source: own elaboration.

Edaphic Variables Objective of the study Authors
Mg?2*, microporosity, clay This study determined the relationship between climate, [54]
content edaphic properties, and the incidence of black sigatoka.

pH, Mg2+, CIC, Cu, bulk The association between soil physical and chemical

density, clay content and parameters and the average percentage of infection (PPI) [24]
microporosity produced by black sigatoka was studied.

This study uses the CLIMEX model to globally map the
distribution of black sigatoka, considering the role of

Soil moisture irrigation to validate the model as an index of disease (12]
pressure.
pH, organic carbon, total This study determines the severity of black sigatoka in
’ ) relation to soil fertility in two different geomorphological [69]

nitrogen, Ca2+, Mg2*, K*
zones.

This study characterizes the spatial variability of black
Sulfur sigatoka to examine its relationship with soil fertility in the [16]
Grande Naine variety.

3.6 Soil seen by spatiotemporal variability

Assessing spatiotemporal variability and analyzing the distribution of soil properties are
important prerequisites for resource and crop management in agricultural areas [72]—[75].
However, little is known about the spatio-temporal distribution and variability of soil
properties at the local scale [73], [76]. Characterizing the heterogeneity of the distribution of
soil properties is difficult because sufficient samples are required to characterize sites.
Consequently, information on soil spatial variability is available from very few sites
worldwide. It is usually limited to a single set of soil physicochemical characteristics [77],
which has changed thanks to technological developments.

Studies on the effect of soil management have shown that crops increase the potential for
soil erosion due to the decomposition of aggregates, reduction of cohesion, and consequently,
decreased nutrient content [73], [78], [79]-[86]. Soil properties also vary considerably
depending on crop type and tillage intensity [73], especially in banana crops [16], [45], [68],
[87], [88]. Therefore, characterizing the spatial variability and distribution of soil properties
1s essential for predicting the rates of agricultural processes related to climate variability and
anthropogenic climate change [89], [90]. Mapping spatiotemporal variability allows for
dynamic monitoring of soil properties and locating homogeneous sites that require careful
management for crop development [73], [91].

Temporal variability of soil properties has been studied by several authors who have
reported significant differences in property values [73], [92]-[97]. Some researchers included
within their investigations temporal variability by measuring soil parameters at different
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crop ages [94], [98], and others evaluated the effect of climatic variability on temporal
changes in soil properties, evidencing that this variability affects moisture conditions, pH,
salinity, organic carbon, micronutrients, and other properties [92], [99]—[101].

In research examining the spatial and temporal patterns of soil properties, both
traditional statistical methods and geostatistical techniques have been extensively utilized
[73], [79], [102]-[106]. Geostatistics uses autocorrelation and digital mapping methods to
infer the spatial distribution of resource properties [107], [108]. Information provided in
digital maps using geostatistical methods leads to better management decisions and a
precision agriculture approach, aids problem-solving, and maintains soil productivity and
sustainability [78], [109]. However, to the best of our knowledge and according to what has
been reviewed, the implications of spatial and temporal variation of soil properties associated
with crop management and climate variability have been little studied in the banana-
growing area of Colombia.

3.6.1 Spatial variability of soils

Spatial variability of edaphic properties is influenced by land use type, topography,
formation characteristics, depth, human activities, and time [75]. Assessing spatial
variability through sampling is an essential step in precision agriculture processes that helps
farmers make informed decisions regarding the distribution of agricultural inputs [110].
Spatial analysis of soil properties can be performed using various statistical methods,
geostatistical methods, and geographic information system (GIS) approaches that facilitate
interpolation of geographically located data to improve interpretation accuracy and digital
mapping of the resource [111].

The analysis of spatial variability in soil utilization employs pattern-based statistics, a
type of geographic analysis also known as location analysis [111]. This approach utilizes
geostatistical and geometrical techniques to understand spatial patterns [111]. It involves
applying statistical and data manipulation techniques to information that can be stored in a
local geodatabase [111]—[113]. Spatial soil analysis reveals characteristics of the sample
location, such as whether the samples are scattered or clustered. The spatial information
itself pertains to the position, area, shape, and size of the defined area, and this data is
typically stored as coordinates and topology [111], [113], [114]. One key outcome of this
spatial analysis of soil properties is the creation of digital maps.

Digital mapping aims to identify and define soil units with some level of uniformity,
delineated by clear boundaries. Nonetheless, soil characteristics are seldom entirely
consistent; even within the same mapped units, there can be considerable random
fluctuations in properties, complicating the detection of changes in average values between
different mapping units [115], [116].

According to [115], [117], properties change continuously due to the impacts of climate
variability and the effects of different soil management practices. Soil spatial variation can
present in different patterns. For example, it might show relatively stable changes within
certain map units but encounter sharp shifts in average values at soil boundaries.
Alternatively, soil property variations might be smooth and continuous, with minimal and
consistent fluctuations. Another possibility is having slight, non-random changes within soil
units, along with either smooth or abrupt transitions in average values at boundaries. Lastly,
soil properties might display sudden changes in variance at boundaries, whether or not there
are changes in the average value [115].
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3.6.2 Temporal soil variability

The properties of soil are not static; they change over time [92]-[101], [118]. This
variability stems from both intrinsic processes, which are linked to natural phenomena, and
extrinsic processes, which are related to human management and cultivation practices [119].
Geological, hydrological, and biological factors are the primary intrinsic sources that
influence soil formation and lead to variability. In contrast, extrinsic variability often results
from differences in cultivation techniques and management, including variations in tillage
methods, irrigation and drainage practices, and the management of crops and crop residues
[119]. The temporal variability of soil can be analyzed in relation to plant age and through
annual, seasonal, or daily cycles [115].

Temporal variability in soil can manifest during the growing season, and it can also occur
from year to year, month to month, or even day to day, often influenced by weather and
climate conditions. The physical properties of soil, such as moisture content, bulk density,
aggregate stability, and penetration resistance, are interconnected and significantly affected
by both climatic variability and climate change [119]. Similarly, chemical properties like pH,
salinity, and soil organic carbon content are also impacted by these climatic factors [92],
[99] —[101].

3.7 Application of geostatistical techniques and GIS for pest and disease detection

GIS technology utilizes a combination of information management tools and methods that
have enabled the administration, editing, and analysis of geospatial data on a global,
regional, and local scale [120]. In the agricultural context, remote sensing technology uses
data from crops and images taken from satellites, aerial remote sensors, and ground
equipment [57], [121]. The processed data can be deconstructed into spatial layers that can
then be processed and analyzed in a GIS in multiple ways to reveal crop conditions and
monitor pests and diseases [44].

Several studies have applied GIS approaches for the detection of Black Sigatoka in
banana crops, using images taken by hyperspectral sensors to characterize the severity of
the disease [17], [28], [560], [122]-[124]. These studies have demonstrated that the
implementation of hyperspectral sensors is an effective tool for early disease identification,
capturing detailed data on leaf reflectance, which allows for the detection of subtle differences
in crop health that are not visible to the human eye. Previous research has leveraged these
capabilities by correlating the data with disease severity indicators, thus improving decision-
making in the management of Black Sigatoka [16], [45], [87], [125].

These studies show that geostatistical methods have been fundamental in describing the
spatial and temporal spread of Sigatoka in banana crops. For example, the use of kriging in
specific studies [16], [68], [87], [88] allowed for modeling the distribution of the disease and
generating predictive maps of the most affected areas. However, these studies demonstrate
that the accuracy of these models depends on the density of the sampling points, the
experimental setup, which includes the type of banana and the extent of the area to be
studied. These factors ensure the effectiveness of the geostatistical tools. Table 7 presents
the cited studies, detailing the geostatistical methods and the experimental setup used to
evaluate Sigatoka infection in banana crops.
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Table 7. Geostatistical methods applied to experimental sampling design and visualization to analyze sigatoka
infection in banana crops. Source: own elaboration.
Avg. distance

Banana Experimen- Sampling Statistical and geostatistical

. between . Type of software used Ref.
type tal area points . analysis
points
Pearson correlations
Prata-Ana 1.2 ha 27 18m x 18m . . R package using [68]
estimation method ooR package
Pip effect g P g
Kriging interpolation
Kruskal-Wallis test R software using the
Shapiro-Wilk normality test kruskal function of
Brown-Forsythe robustness the agricolae
test package, levene. test
. Modified Levene function of the
Cavendish . . .
100m x 100m Normality assumption using  lawstat package
cv. Gran 30 ha 71 [87]
50m x 50m the Skewness asymmetry geoR package,
Enano .. .
coefficient. variog.mc.env
Empirical semivariograms function, variofit
Kappa smoothing function,
Pip effect krige.control and
Ordinary Kriging krige.conv functions.
Autocorrelation analysis LCOR2 Program
Lloyd aggregation index morlloyd program
Pacovan 2 ha 30 3m x 3m  Geostatistical interpolation (Microsoft Excel) [88]
maps Surfer program
Pearson correlation PROC IML program
Determination of isotropic
semivariograms
Stationarity assumption of the
intrinsic hypothesis . GS+v.7.0
Grand Mean square error function Statistical Analysis
0.09 ha 30 30m x 30m Standard error of prediction [16]

System statistical
software

Nain and self-validation (jackniffe)

Degree of spatial dependence
Interpolation of the data by
ordinary kriging

Pearson correlation

Table 7 shows that the evolution of statistical and geostatistical methods has advanced
over time, highlighting geostatistics as key in the spatial modeling of Sigatoka infection. The
transition has moved from basic approaches of correlation and autocorrelation analysis to
more complex techniques, such as semivariograms and kriging, which allow for an accurate
representation of the disease's spread. Additionally, the use of software has shifted from GS+,
LCOR2, Surfer, among others [16], [88], to R [68], [87], facilitating the integration of
advanced packages to perform robust analyses, thereby improving inferences and predictions
in the management of Sigatoka.

In this regard, geostatistical analysis has proven to be an important tool for
understanding the distribution and severity of Sigatoka in banana crops, as the spatial
characterization of the disease is essential for its management. However, [88] emphasized
the need to consider climatic variability and soil conditions that influence the incidence and
severity of the disease. This led to studies such as [16], which applied geostatistical
techniques to analyze the relationship between soil fertility and Black Sigatoka severity,
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using spatial distribution maps to identify critical areas within plantations. Similarly, [68],
through geostatistical techniques, evaluated the correlation between Sigatoka severity and
soil properties, considering climatic variables. As a result, their study employed advanced
spatial analyses to map the disease and relate it to soil nutritional factors, highlighting the
need for data-driven agronomic approaches to improve disease management. Likewise, [87]
employed spatial modeling to study Black Sigatoka in Cavendish banana cv. Gran Enano,
revealing distribution patterns that can guide decision-making in precision agriculture.

Nevertheless, despite these advances, the integration of new technologies, such as
hyperspectral drones, satellite sensors, and/or machine learning techniques, remains a
challenge for new research. These tools, combined with geostatistical analysis, would allow
farmers to adopt more precise and efficient strategies for Sigatoka control, such as more
targeted fungicide applications and improved monitoring programs [9], [32], [33]. Previous
studies [17], [28], [50], [124] have shown advances in machine learning techniques and
hyperspectral imaging applied to disease management or detection in bananas. However,
none of those reported so far have associated these techniques with soil properties data and
climatic variables.

For example, [17] evaluated the use of hyperspectral images to detect the early stages of
Sigatoka through a penalized logistic regression model (PLS-PLR), achieving 98 % accuracy.
This advancement allows for disease identification before it becomes visible to the naked eye,
although it still does not incorporate climatic or soil variables into its analysis. [50] also
developed machine learning-based models, such as SVM and neural networks, for early
Sigatoka detection, demonstrating the potential of artificial intelligence techniques in
precision agriculture, though it still does not account for environmental factors. Similarly,
[124] designed a hyperspectral imaging system to detect the disease presymptomatically,
using advanced optical techniques, but without yet integrating geostatistical or soil data.
Finally, [28] employed drones and machine learning algorithms to monitor Sigatoka,
demonstrating that remote sensing combined with artificial intelligence can surpass
traditional methodologies, although it did not consider the influence of climatic and soil
variables on the spread of the disease.

3.8 Climate variability and detection of Black Sigatoka in Bananas

Climate variability poses challenges to water resources, diminishes crop yields, and raises
the prevalence of pests and diseases, significantly affecting agriculture, particularly in
tropical areas. With the imminent climate risks to agricultural output and food security,
there is a growing emphasis on global and national programs and policies to prioritize
adaptation strategies for agricultural production in response to climate change [126].

The FAO forecasts that food demand will double by 2050, posing a significant challenge
for the scientific community to boost agricultural productivity [126]. Therefore, studying the
influence of climate wvariability and the relationship between black Sigatoka and
edaphoclimatic conditions requires an appropriate methodology. In response to the spatial
dependence between crops and plant diseases, GIS, remote sensing, and spatial analysis
techniques have been employed in epidemiological research in the last two decades. These
techniques have enhanced the collection, storage, retrieval, analysis, and visualization of
spatial data, leading to a deeper understanding of the factors that affect the emergence of
epidemics [87], [125], [127]-[129]. This method produces more reliable results concerning the
area's plant disease epidemiology and soil variability [125].

Spatial analysis through geostatistics has been commonly used to relate edaphic and
climatic conditions to pest and disease severity [71]; some authors have studied its
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application in banana crops to describe Sigatoka behavior, obtaining patterns of disease
behaviors explained by edaphic conditions [16], [45], [68], [87]. Other research on GIS and
remote sensing approaches have oriented their studies on the detection of black Sigatoka
associated with climatic conditions using simulation models of the disease using physiological
responses to infection given optimal climatic conditions of temperature, precipitation,
relative humidity, evapotranspiration, solar radiation, plant leaf wetness, among others [9],
[12], [15], [18], [49], [52], [61]—[64], [125].

So far, research that has used and applied GIS approaches, remote sensing, and spatial
analysis in banana crops to detect black Sigatoka has separately studied the edaphic and
climatic conditions associated with the disease. Few investigations have studied the
relationship between edaphoclimatic conditions and black Sigatoka, and those that have been
conducted have not used GIS, remote sensing, or spatial analysis approaches for disease
detection on a spatiotemporal scale [24], [36], [54], [65].

3.9 Geostatistics and soul sampling

Soil properties often display spatial autocorrelation, meaning that the values of these
properties at nearby locations tend to be similar. Numerous studies have examined a wide
range of soil properties, including morphological, physical, chemical, and biological
properties, at the microscale level [16], [75], [78], [92]. However, our understanding of how
these properties vary across both space and time at this detailed level remains limited. This
understanding depends on the availability of field data, the application of geostatistical
techniques, and the analysis of autocorrelation among these properties. Geostatistics, a
branch of applied statistics, has emerged as a valuable tool for understanding and estimating
spatial patterns in soil properties [115], [130]—[132].

In geostatistics, autocorrelation exists when there are relatively minor variations that are
not entirely random in the value of a soil property [133]. In this sense, the distance between
sampling points is a factor that influences the spatial variability of soil properties, i.e., the
closer the sampling points are to each other, the more similar the values are, as opposed to
values separated by more distant distances. Beyond the critical distance threshold, where
autocorrelation is lost, soil property values no longer exhibit spatially correlated behavior
and their relationships become random [134]. This type of spatial variation, occurring when
the relationship between two sampling points cannot be accurately predicted based solely on
their distance, can be quantitatively modeled using various techniques, with semivariogram
models being the most common [115], [135].

The semivariogram is a technique used to study the spatial distribution of soil properties
[136]; it helps model how the variance of soil properties changes as the separation distance
between sampling points increases [115], [137]. In geostatistics, the semivariogram is
essential for spatial prediction or kriging of a target geographic feature. It is derived by
measuring the spatial correlation or covariance between sample pairs at various distances in
a dataset to create empirical semivariograms. A graphical representation of the semivariable
and the distance or lag corresponding to the separation of the pairs produces the
semivariogram [115]. The procedure involves plotting the semivariable values against the
separation distance and then applying functions—such as linear, spherical, or exponential
models—to fit these data points [135].
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3.10 The future challenge of climate change on the detection of Black Sigatoka in Bananas

By the end of this century, climate change is projected to have a significant impact on the
agricultural sector in developing countries due to associated damages and high adaptation
costs, with potential results in 1.30°C to 5.70°C increase in global average temperatures,
depending on emission scenarios, whether low or very high [138]. Some critical challenges
include increasing frequency and intensity of extreme weather events through higher
temperatures and more variable precipitation, including heat waves, floods, and droughts,
which can significantly affect the agricultural sector [139]. Developing countries account for
~70 % of the agricultural potential for climate change mitigation [140]. The agricultural
sector is a significant contributor to global greenhouse gas (GHG) emissions, directly
accounting for approximately 14 % of the total. Furthermore, agriculture indirectly increases
emissions through land-use changes, particularly deforestation for agricultural expansion,
which contributes an additional 17 % to overall GHG emissions [41], [139], [141]—[143].

In this context, banana crops play a key role in carbon sequestration through
photosynthesis, contributing to mitigating climate change. However, the effectiveness of this
sequestration can be affected by foliar diseases associated with the crop [144]—[146]. Studies
have shown that CO:z capture in banana crops reaches 80°t/ha at the production stage [144],
with biomass contributions of the pseudostem ranging from 75 % to 78 % and leaves from
12°% to 17°% [5], [147]-[149].

Developing and implementing effective adaptation and mitigation strategies to minimize
the impacts of climate change on crop foliar diseases is a major challenge [150]-[153].
Detection of foliar diseases has led researchers to work on image processing for classification
and early detection of crop diseases; however, they face multiple challenges because the
variability of shapes and colors in the images, together with climate change, pose an
additional challenge in identifying multiple foliar diseases, especially when disease patterns
are irregular [154]. State-of-the-art studies in the area indicate that challenges are related
to noise in images caused by electronic devices and lighting effects, out-of-focus imaging, lack
of in situ data containing images of infected leaves in crops, variability of climatic conditions,
and selection of suitable electronic devices and images [155]-157]. With these disadvantages,
some researchers have adopted drone cameras, but these also present limitations such as
weather and flight time for imaging [28], [157]. Nevertheless, drone cameras are a convenient
tool for small-scale disease monitoring and are useful for validating remote and proximate
sensor data for crop health monitoring [158].

The detection of black Sigatoka in banana crops faces significant challenges under
possible climate change scenarios. As the global climate undergoes alterations, the accurate
identification of this disease in crops and the influences of environmental variables on its
detection become more complex, forcing geographic information systems to constantly change
the algorithms used. Increasing the intensity and frequency of extreme weather events, such
as heavy rains or prolonged droughts, could favor the spread and severity of black Sigatoka,
making timely detection even more critical. Thus, climate change poses additional challenges
in detecting crop diseases, requiring ongoing research and adaptation strategies to ensure
food security. Future research on the detection of black Sigatoka in banana crops should
prioritize the development of climatically robust algorithms, autonomous detection using
artificial intelligence methods, the establishment of real-time monitoring systems, the
understanding of the genetic variability of the disease, the implementation of integrated
management techniques, and all other measures that humans take to monitor the crop.
These guidelines will help address the challenges of climate change, improve detection
accuracy, and ensure disease and pest protection in banana crops.
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4. CONCLUSIONS

In the specialized field that links precision agriculture, geospatial analysis, and climate
change, the number and nature of key terms appropriately reflect the essential elements of
this nexus. The results reveal international correlation through author keywords, titles, and
abstracts of scientific documents. The study examines the evolution of research, identifying
recurring concepts, methods, and phenomena related to black Sigatoka monitoring in banana
crops. It highlights key approaches of precision agriculture in times of climate change,
agricultural management tools, and components. These elements constitute a valuable
source of information to guide researchers and academics in research projects in this field.

This review emphasizes the complex interaction between climate change and its elements,
Black Sigatoka in banana crops, and soil properties. Future projections indicate that climate
change will increase the severity of Black Sigatoka and substantially affect banana crop
yields, particularly on farms that do not implement precision agriculture techniques.
However, climate change mitigation and adaptation strategies can alleviate some of these
effects, such as increasing carbon fixation and reserves and implementing precision
agriculture on banana farms for soil and crop management. Furthermore, effective soil and
crop management can help ensure food security. An integrated approach that combines
efforts to address climate change and implement precision agriculture will be essential to
reduce the severity of pests and diseases in banana crops.

The climatic and soil variables associated with Black Sigatoka infection in banana crops require
agricultural management and handling strategies to reduce the incidence and severity of this
disease, thus improving productivity and sustainability of banana crops. Climatic variables include
precipitation, evapotranspiration, relative humidity, canopy humidity, canopy temperature, wind
speed, solar radiation, temperature, and relative humidity, which directly influence the
microclimate of banana crops, creating favorable conditions for the proliferation of the fungus P.
fijiensis. Soil variables include Mg2*, Ca2*, K+, pH, CIC, Cu, microporosity, clay content, bulk
density, soil moisture, organic carbon, total nitrogen, and sulfur, which impact soil yield and reduce
plant defense response, requiring the soil to have necessary nutrients to maintain an environment
less favorable for disease development.

The use of geostatistical methods to measure Black Sigatoka infection in banana crops
demonstrates the effectiveness of various statistical and geostatistical analyses in different
experimental setups. These methods have been applied using various software and programs,
some of which, like SAS and Microsoft Excel, are widely used in research, while others, like
LCOR2 and morlloyd, are considered obsolete or less common today. On the other hand,
programs like R with packages like geoR and agricolae, as well as Surfer and GS*, represent
modern and versatile options for spatial and geostatistical analysis in agricultural studies.
This diversity in software use reflects the variety of approaches and tools available to
researchers in the field of geostatistics applied to banana crops, requiring further studies for
their application.

Geostatistical methods, such as kriging, are used to model the spatial and temporal
distribution of Black Sigatoka, generating effective predictive maps when field data is
utilized. These tools enable more precise interventions in affected areas, improving disease
management. Additionally, precision agriculture, by correlating edaphic and climatic
variables, mitigates the effects of climate change on banana crops, using technologies like
hyperspectral drones and satellite sensors for more adaptive strategies, such as targeted
fungicide applications. However, research must advance in emerging technologies such as
machine learning and artificial intelligence (Al), which have the potential to enhance early
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detection and automate management processes. This should include data on edaphic
properties and climatic variables associated with Black Sigatoka in banana crops.

5. ACKNOWLEDGEMENT AND FUNDING

This article was prepared within the framework of the project Intelligent Systems for
Resource Management and Disease Detection in Banana Production Systems in the
Departments of La Guajira and Magdalena, code 75979 of the call 008-2019 MECANISMO1-
CONV2a. They were strengthening the Institutional Capacities-Research IES Public of the
National Program of CTel Territorial Management, an alliance of the Universidad de
Magdalena and the Universidad de La Guajira.

CONFLICTS OF INTEREST

The authors declare that there is no conflict of interest.

AUTHOR CONTRIBUTIONS

All authors contributed substantially to the study's concept and design, the article’s
writing, and the critical revision of the manuscript for important intellectual content.

Luis Miguel Torres Ustate: Conceptualization, Methodology, Research, Visualization,
Data curation, Formal analysis, Writing: original draft, and Writing: revising and editing.

Nelson Virgilio Piraneque: Conceptualization, formal analysis, Writing: proofreading and
editing. Revision, proofreading and editing, Supervision.

Martha Ligia Castellanos Martinez: Conceptualization, Methodology, Research, Formal
analysis, Writing: review and editing, Resources, Project management, Fund acquisition,
Supervision.

6. REFERENCES

[1] Food and Agriculture Organization. “Statistical database of the Organization (FAOSTAT).” fao.org.
Accessed: May. 6, 2024. [Online]. Available:
https://www.fao.org/faostat/es/#rankings/countries by commodity

2] J. M. da Silva Soares et al., “Gene Expression, Histology and Histochemistry in the Interaction between
Musa sp. and Pseudocercospora fijiensis,” Plants, vol. 11, no. 15, p. 1953, Jul. 2022.
https://doi.org/10.3390/plants11151953

[3] L. A. Bello-Pérez, E. Agama-Acevedo, P. Osorio-Diaz, R. G. Utrilla-Coello, and F. J. Garcia-Suarez,
“Banana and mango flours,” in Flour and Breads and their Fortification in Health and Disease Prevention,
New York, NY, USA: Elsevier, 2011, pp. 235-245. https://doi.org/10.1016/B978-0-12-380886-8.10022-4

[4] I. Van Den Bergh, J. Ramirez, C. Staver, D. W. Turner, A. Jarvis, and D. Brown, “Climate change in the
subtropics: The impacts of projected averages and variability on banana productivity,” Acta Hortic., vol.
928, pp. 89-99, 2012. https://doi.org/10.17660/actahortic.2012.928.9

[5] 0. Akatwijuka, M. A.-H. Gepreel, A. Abdel-Mawgood, M. Yamamoto, Y. Saito, and A. H. Hassanin,
“Overview of banana cellulosic fibers: agro-biomass potential, fiber extraction, properties, and sustainable
applications,” Biomass Convers. Biorefin., vol. 14, no. 6, pp. 7449-7465, Mar. 2024.
https://doi.org/10.1007/s13399-022-02819-0

[6] R. D. Norton et al., “Front Matter” in The Competitiveness of Tropical Agriculture: A Guide to Competitive
Potential with Case Studies, New York, NY, USA: Elsevier, 2017, pp. iii. https://doi.org/10.1016/B978-0-12-

Péagina 22 | 30


https://www.fao.org/faostat/es/#rankings/countries_by_commodity
https://doi.org/10.3390/plants11151953
https://doi.org/10.1016/B978-0-12-380886-8.10022-4
https://doi.org/10.17660/actahortic.2012.928.9
https://doi.org/10.1007/s13399-022-02819-0
https://doi.org/10.1016/B978-0-12-805312-6.01001-1

L. M. Torres et al. TecnoLégicas, Vol. 27, no. 61, e3158, 2024

(26]

(27]

805312-6.01001-1

H. C. Prasad Singh, N. K. Sriniv Rao, and K. Seetharamaiah Shivashankar, Eds., Climate-resilient
horticulture: Adaptation and mitigation strategies. India: Springer India, 2013. https://doi.org/10.1007/978-
81-322-0974-4

V. Varma, and D. P. Bebber, “Climate change impacts on banana yields around the world,” Nat. Clim.
Chang., vol. 9, no. 10, pp. 7562-757, Oct. 2019. https://doi.org/10.1038/s41558-019-0559-9

P. Becker, P. Esker, and G. Umaiia, “Incorporation of microorganisms to reduce chemical fungicide usage
in black sigatoka control programs in Costa Rica by use of biological fungicides,” Crop Prot., vol. 146, p.
105657, Aug. 2021. https://doi.org/10.1016/j.cropro.2021.105657

L. de Lapeyre de Bellaire, E. Fouré, C. Abadie, and J. Carlier, “Black Leaf Streak Disease is challenging
the banana industrym,” Fruits, vol. 65, no. 6, pp. 327-342, Sep. 2010.
https://doi.org/10.1051/fruits/2010034

F. P. Castelan, C. Abadie, O. Hubert, Y. Chilin-Charles, L. de Lapeyre de Bellaire, and M. Chillet, “Relation
between the severity of Sigatoka disease and banana quality characterized by pomological traits and fruit
green life,” Crop Prot., vol. 50, pp. 61-65, Aug. 2013. https://doi.org/10.1016/j.cropro.2013.02.019

T. Yonow, J. Ramirez-Villegas, C. Abadie, R. E. Darnell, N. Ota, and D. J. Kriticos, “Black Sigatoka in
bananas: Ecoclimatic suitability and disease pressure assessments,” PLoS One, vol. 14, no. 8, p. e0220601,
2019. https://www.musalit.org/seeMore.php?id=18644

R. E. Arango Isaza et al., “Combating a global threat to a clonal crop: Banana black sigatoka pathogen
Pseudocercospora fijiensis (synonym Mycosphaerella fijiensis) genomes reveal clues for disease
control,” PLoS Genet., vol. 12, no. 8, p. e1005876, Aug. 2016. https://pubmed.ncbi.nlm.nih.gov/27512984/
A. C. L. Churchill, “Mycosphaerella fijiensis, the black leaf streak pathogen of banana: Progress towards
understanding pathogen biology and detection, disease development, and the challenges of control,” Mol.
Plant Pathol., vol. 12, no. 4, pp. 307-328, May. 2011. https://doi.org/10.1111/].1364-3703.2010.00672.x

D. P. Bebber, “Climate change effects on Black Sigatoka disease of banana,” Philos. Trans. R. Soc. B Biol.
Sci., vol. 374, no. 1775, Jun. 2019. https://doi.org/10.1098/rstb.2018.0269

C. do Nascimento Uchéa, E. Ampélio Pozza, A. A. Alexandre Pozza, and W. da Silva Moraes, “Modelagem
geoestatistica da sigatoka-negra e sua relacio com a fertilidade do solo ,” Biosci. <J., vol. 27, no. 3, pp. 357—
362, May-Jun. 2011. https://seer.ufu.br/index.php/biosciencejournal/article/view/7504/7550

J. Ugarte Fajardo et al., “Early detection of black Sigatoka in banana leaves using hyperspectral images,”
Appl. Plant Sci., vol. 8, no. 8, p. 11383, Aug. 2020. https://doi.org/10.1002/aps3.11383

C. do N. Uchoéa, E. A. Pozza, W. S. Moraes, H. Souza Rocha, and F. C. Lopes Costa, “Modelling black
Sigatoka epidemics with seasonal dispersal of Mycosphaerella fijiensis ascospores over a banana
plantation in the Ribeira Valley, Sao Paulo, Brazil,” Eur. J. Plant Pathol., vol. 161, no. 2, pp. 463—474, Oct.
2021. https://doi.org/10.1007/s10658-021-02337-1

L. Coltro, and T. U. Karaski, “Environmental indicators of banana production in Brazil: Cavendish and
Prata varieties,” J. Clean. Prod., vol. 207, pp. 363-378, Jan. 2019.
https://doi.org/10.1016/].jclepro.2018.09.258

D. H. Marin, R. A. Romero, M. Guzmén, and T. B. Sutton, “Black Sigatoka: An Increasing Threat to Banana
Cultivation,” Plant Dis., vol. 87, no. 3, pp. 208-222, Mar. 2003. https://doi.org/10.1094/PDIS.2003.87.3.208
R. D. Noar, E. Thomas, and M. E. Daub, “Genetic Characteristics and Metabolic Interactions between
Pseudocercospora fijiensis and Banana: Progress toward Controlling Black Sigatoka,” Plants, vol. 11, no.
7, p. 948, Mar. 2022. https://doi.org/10.3390/plants11070948

C. P. Miles, “Disease control,” Science, vol. 175, no. 4017, p. 8, Jan. 1972.
https://www.science.org/doi/abs/10.1126/science.175.4017.8.a

DANE. “Geovisor Encuesta Nacional Agropecuaria — ENA, Tabla de datos - Banano.”
geoportal.dane.gov.co. Accessed: Apr. 6, 2024. [Online]. Available:
https://geoportal.dane.gov.co/geovisores/territorio/resultados-ena/

S. E. Aguirre Forero, N. V. Piraneque Gambasica, and S. I. Ramirez Gonzalez, “Parametros edaficos
asociados al dafio por Micosphaerella fijiensis Morelet en la Zona Bananera del Magdalena (Colombia),”
Rev. Espac., vol. 39, no. 26, pp. 18-25, Mar. 2018.
https://www.revistaespacios.com/al8v39n26/18392618.html

L. F. Izquierdo-Garecia et al., “Efficacy of disinfectants against fusarium oxysporum F. Sp. cubense tropical
race 4 isolated from La Guajira, Colombia,” J. Fungi, vol. 7, no. 4, p. 297, Apr. 2021.
https://doi.org/10.3390/j0f7040297

R. C. Ploetz, “Fusarium wilt of banana,” Phytopathology, vol. 105, no. 12, pp. 1512-1521, Dec. 2015.
https://doi.org/10.1094/PHYTO-04-15-0101-RVW

R. C. Ploetz, G. H. J. Kema, and M. Li-Jun, “Impact of Diseases on Export and Smallholder Production of
Banana,” Annu. Rev. Phytopathol., vol. 53, no. 1, pp. 269—288, Aug. 2015. https:/doi.org/10.1146/annurev-
phyto-080614-120305

Pagina 23 | 30


https://doi.org/10.1016/B978-0-12-805312-6.01001-1
https://doi.org/10.1007/978-81-322-0974-4
https://doi.org/10.1007/978-81-322-0974-4
https://doi.org/10.1038/s41558-019-0559-9
https://doi.org/10.1016/j.cropro.2021.105657
https://doi.org/10.1051/fruits/2010034
https://doi.org/10.1016/j.cropro.2013.02.019
https://www.musalit.org/seeMore.php?id=18644
https://pubmed.ncbi.nlm.nih.gov/27512984/
https://doi.org/10.1111/j.1364-3703.2010.00672.x
https://doi.org/10.1098/rstb.2018.0269
https://seer.ufu.br/index.php/biosciencejournal/article/view/7504/7550
https://doi.org/10.1002/aps3.11383
https://doi.org/10.1007/s10658-021-02337-1
https://doi.org/10.1016/j.jclepro.2018.09.258
https://doi.org/10.1094/PDIS.2003.87.3.208
https://doi.org/10.3390/plants11070948
https://www.science.org/doi/abs/10.1126/science.175.4017.8.a
https://geoportal.dane.gov.co/geovisores/territorio/resultados-ena/
https://www.revistaespacios.com/a18v39n26/18392618.html
https://doi.org/10.3390/jof7040297
https://doi.org/10.1094/PHYTO-04-15-0101-RVW
https://doi.org/10.1146/annurev-phyto-080614-120305
https://doi.org/10.1146/annurev-phyto-080614-120305

L. M. Torres et al. TecnoLégicas, Vol. 27, no. 61, e3158, 2024

(28]

(47]

(48]

V. B. Campos Calou, A. dos Santos Teixeira, L. C. Jario Moreira, C. Souza Lima, J. Branco de Oliveira,
and M. R. Rabelo de Oliveira, “The use of UAVs in monitoring yellow sigatoka in banana,” Biosyst. Eng.,
vol. 193, pp. 115-125, May. 2020. https://doi.org/10.1016/j.biosystemseng.2020.02.016

A. Dadrasnia, M. Maikudi Usman, R. Omar, S. Ismail, and R. Abdullah, “Potential use of Bacillus genus
to control of bananas diseases : Approaches toward high yield production and sustainable management,”
Journal of King Saud University — Science, vol. 32, no. 4, pp. 2336-2342, Jun. 2020.
https://doi.org/10.1016/].jksus.2020.03.011

C. G. Kuyu, and Y. B. Tola, “Assessment of banana fruit handling practices and associated fungal
pathogens in Jimma town market , southwest Ethiopia,” Food Sci. Nutr., vol. 6, no. 3, pp. 609-616, May.
2018. https://doi.org/10.1002/fsn3.591

A. de Souza-Pollo, and A. de Goes, “Banana pathology and diseases,” in Handbook of Banana Production,
Postharvest Science, Processing Technology, and Nutrition, M. Siddig, J. Ahmed, and M. G. Lobo, Eds.,
New York, NY, USA: Wiley, 2020, pp. 45-59. https://doi.org/10.1002/9781119528265.ch3

P. Chong, V. Aikaterini-Eleni, H. J. Schouten, H. J. G. Meijer, R. E. Arango Isaza, and G. H. J. Kema,
“Pfcyp51 exclusively determines reduced sensitivity to 14a-demethylase inhibitor fungicides in the banana
black Sigatoka pathogen Pseudocercospora fijiensis,” PLoS One, vol. 14, no. 10, p. e0223858, 2019.
https://doi.org/10.1371/journal.pone.0223858

C. Diaz-Trujillo et al., “A new mechanism for reduced sensitivity to demethylation-inhibitor fungicides in
the fungal banana black Sigatoka pathogen Pseudocercospora fijiensis,” Mol. Plant Pathol., vol. 19, no. 6,
pp. 1491-1503, Jun. 2018. https://doi.org/10.1111/mpp.12637

T. L. Friesen, “Combating the Sigatoka Disease Complex on Banana,” PLoS Genet., vol. 12, no. 8, p.
e¢1006234, 2016. https://doi.org/10.1371/journal.pgen.1006234

W. C. de Jesus Junior et al.,, “Worldwide geographical distribution of Black Sigatoka for banana:
predictions based on climate change models,” Sci. Agric., vol. 65, no. spe, pp. 40—53, Dec. 2008.
https://doi.org/10.1590/S0103-90162008000700008

S. E. Aguirre, N. V. Piraneque, and J. Rodriguez Barrios, “Relationship between the nutritional status of
banana plants and black sigatoka severity in the Magdalena region of Colombia,” Agron. Colomb., vol. 33,
no. 3, pp. 348-355, 2015. https://doi.org/10.15446/agron.colomb.v33n3.51900

M. G. Selvaraj et al., “Al-powered banana diseases and pest detection,” Plant Methods, vol. 15, no. 92, Aug.
2019. https://doi.org/10.1186/s13007-019-0475-z

P. Sahu, A. P. Singh, A. Chug, and D. Singh, “A Systematic Literature Review of Machine Learning
Techniques Deployed in Agriculture: A Case Study of Banana Crop,” IEEE Access, vol. 10, pp. 87333—
87360, Aug. 2022. https://doi.org/10.1109/ACCESS.2022.3199926

H. Lin et al., “EM-ERNet for image-based banana disease recognition,” JJ. Food Meas. Charact., vol. 15, no.
5, pp. 46964710, Oct. 2021. https://doi.org/10.1007/s11694-021-01043-0

A. M. Al-Ismaili, “GIS and remote sensing techniques in Controlled Environment Agriculture: A review,”
J. Agric. Mar. Sci. [JAMS], vol. 26, no. 2, pp. 10-23, Jan. 2021.
https://doi.org/10.53541/jams.vol261ss2pp10-23

N. Clerici, F. Cote-Navarro, F. J. Escobedo, K. Rubiano, and J. C. Villegas, “Spatio-temporal and
cumulative effects of land use-land cover and climate change on two ecosystem services in the Colombian
Andes,” Sci. Total Environ., vol. 685, pPp. 1181-1192, Oct. 2019.
https://doi.org/10.1016/].scitotenv.2019.06.275

M. G. da Silva et al., “Spatio-temporal aspects of brown eye spot and nutrients in irrigated coffee,” Eur. J.
Plant Pathol., vol. 153, no. 3, pp. 931-946, Oct. 2019. https://doi.org/10.1007/s10658-018-01611-z

A.-K. Mahlein, “Plant Disease Detection by Imaging Sensors — Parallels and Specific Demands for
Precision Agriculture and Plant Phenotyping,” Plant Dis., vol. 100, no. 2, pp. 241-251, Feb. 2016.
https://doi.org/10.1094/PDIS-03-15-0340-FE

M. Mathenge, B. G. J. S. Sonneveld, and J. E. W. Broerse, “Application of GIS in Agriculture in Promoting
Evidence-Informed Decision Making for Improving Agriculture Sustainability: A Systematic Review,”
Sustainability, vol. 14, no. 16, p. 9974, Aug. 2022. https://doi.org/10.3390/sul14169974

J. D. P. Rodrigues, M. C. Alves, A. S. Freitas, E. A. Pozza, M. S. Oliveira, and H. J. P. Alves, “Geostatistical
stationary space-time covariance functions modeling of Yellow Sigatoka progress in banana crop,”
Australas. Plant Pathol., vol. 48, no. 3, pp. 233—244, 2019. https://doi.org/10.1007/s13313-019-0622-z

M. G. Silva et al., “Geostatistical analysis of coffee leaf rust in irrigated crops and its relation to plant
nutrition and soil fertility,” Phytoparasitica, vol. 47, no. 1, pp. 117-134, May. 2019.
https://doi.org/10.1007/s12600-019-00714-5

P. Goovaerts, G. AvRuskin, J. Meliker, M. Slotnick, G. Jacquez, and J. Nriagu, “Geostatistical modeling of
the spatial variability of arsenic in groundwater of southeast Michigan,” Water Resour. Res., vol. 41, no. 7,
pp. 1-19, Jul. 2005. https://doi.org/10.1029/2004WR003705

A. Soares de Freitas, E. A. Pozza, A. A. Alexandre Pozza, M. G. de O. Soares, H. Rocha Silva, and C. D.

Péagina 24 | 30


https://doi.org/10.1016/j.biosystemseng.2020.02.016
https://doi.org/10.1016/j.jksus.2020.03.011
https://doi.org/10.1002/fsn3.591
https://doi.org/10.1002/9781119528265.ch3
https://doi.org/10.1371/journal.pone.0223858
https://doi.org/10.1111/mpp.12637
https://doi.org/10.1371/journal.pgen.1006234
https://doi.org/10.1590/S0103-90162008000700008
https://doi.org/10.15446/agron.colomb.v33n3.51900
https://doi.org/10.1186/s13007-019-0475-z
https://doi.org/10.1109/ACCESS.2022.3199926
https://doi.org/10.1007/s11694-021-01043-0
https://doi.org/10.53541/jams.vol26iss2pp10-23
https://doi.org/10.1016/j.scitotenv.2019.06.275
https://doi.org/10.1007/s10658-018-01611-z
https://doi.org/10.1094/PDIS-03-15-0340-FE
https://doi.org/10.3390/su14169974
https://doi.org/10.1007/s13313-019-0622-z
https://doi.org/10.1007/s12600-019-00714-5
https://doi.org/10.1029/2004WR003705

L. M. Torres et al. TecnoLégicas, Vol. 27, no. 61, e3158, 2024

(56]

(57]

(66]

(67]

Plaza Pérez, “Interaction between potassium (K) and calcium (Ca) on the severity of Yellow Sigatoka in
banana plants,” African J. Agric. Res., vol. 12, no. 16, pp. 1353-1361, Apr. 2017.
https://doi.org/10.5897/ajar2017.12279

E. Strobl, and P. Mohan, “Climate and the Global Spread and Impact of Bananas ’ Black Leaf Sigatoka
Disease,” Atmosphere, vol. 11, no. 9, p. 947, Sep. 2020. https://doi.org/10.3390/atmos11090947

J. Ugarte Fajardo, M. Mariduena-Zavala, J. Cevallos-Cevallos, and D. Ochoa Donoso, “Effective Methods
Based on Distinct Learning Principles for the Analysis of Hyperspectral Images to Detect Black Sigatoka
Disease,” Plants, vol. 11, no. 19, p. 2581, Sep. 2022. https://doi.org/10.3390/plants11192581

W. Salah Alaloul, A. Hannan Qureshi, M. Ali Musarat, and S. Saad, “Evolution of close-range detection
and data acquisition technologies towards automation in construction progress monitoring,” J. Build. Eng.,
vol. 43, p. 102877, Nov. 2021. https://doi.org/10.1016/j.jobe.2021.102877

M. M. Raza, and D. P. Bebber, “Climate change and plant pathogens,” Current Opinion in Microbiology,
vol. 70, p. 102233, Dec. 2022. https://doi.org/10.1016/].mib.2022.102233

D. P. Bebber, “The long road to a sustainable banana trade,” Plants People Planet, vol. 5, no. 5, Sep. 2023.
https://doi.org/10.1002/ppp3.10331

S. E. Aguirre Forero, N. V. Piraneque Gambasica, and J. C. Menjivar Flores, “Relacién entre las
propiedades edafocliméticas y la incidencia de sigatoka negra (Mycosphaerella fijiensis Morelet) en la zona
bananera del Magdalena-Colombia,” Rev. Investig. Agrar. Ambient., vol. 3, no. 2, p. 13, Jul. 2012.
https://doi.org/10.22490/21456453.970

P. Cheng Nie, D. Wu, W. Zhang, Y. Yang, and Y. He, “Hybrid combination of GIS,GPS,WSN and GPRS
technology in modern digital agriculture application,” Adv. Mat. Res., vol. 108-111, pp. 1158-1163, May.
2010. https://doi.org/10.4028/www.scientific.net/AMR.108-111.1158

I. Dunaieva et al., “GIS services for agriculture monitoring and forecasting: Development concept,”
in Advances in Intelligent Systems and Computing, V. Murgul, and M. Pasetti, Eds., Cham: Springer
International Publishing, 2019, pp. 236—246. https://doi.org/10.1007/978-3-030-19868-8 24

J. A. Garcia-Bern4, S. Ouhbi, B. Benmouna, G. Garcia-Mateos, J. L. Fernandez-Aleman, and J. M. Molina-
Martinez, “Systematic mapping study on remote sensing in agriculture,” Appl. Sci., vol. 10, no. 10, p. 3456,
May. 2020. https://doi.org/10.3390/app10103456

D. P. Roberts, N. M. Short, J. Sill, D. K. Lakshman, X. Hu, and M. Buser, “Precision agriculture and
geospatial techniques for sustainable disease control,” Indian Phytopathol., vol. 74, no. 2, pp. 287-305,
Jun. 2021. https://doi.org/10.1007/s42360-021-00334-2

C. Yang, “Remote Sensing and Precision Agriculture Technologies for Crop Disease Detection and
Management with a Practical Application Example,” Engineering, vol. 6, no. 5, pp. 528-532, May. 2020.
https://doi.org/10.1016/1.eng.2019.10.015

S. Robert, M.-F. Zapater, J. Carlier, C. Abadie, and V. Ravigné, “Multiple introductions and admixture at
the origin of the continental spread of the fungal banana pathogen Mycosphaerella fijiensis in central
america : a statistical test using approximate bayesian computation,” Rev. Ecol., vol. 12, no. 1, pp. 127—
138, Oct. 2015. https://doi.org/10.3406/revec.2015.1822

C. Coral, and D. Mithofer, “The backbone of agrifood value chain resilience: Innovation in the Ecuadorian
banana value chain from a historical perspective,” World Dev. Perspect., vol. 29, p. 100476, Mar. 2023.
https://doi.org/10.1016/].wdp.2022.100476

M. George, K. A. Cherian, and D. Mathew, “Symptomatology of Sigatoka leaf spot disease in banana
landraces and identification of its pathogen as Mycosphaerella eumusae,” J. Saudi Soc. Agric. Sci., vol. 21,
no. 4, pp. 278-287, May. 2022. https://doi.org/10.1016/].jssas.2021.09.004

L. F. Benavides Loépez, M. Camacho Calvo, and M. E. Mufioz Fonseca, “Relacién entre factores climaticos
y la infecciéon foliar de Sigatoka Negra (Pseudocercospora fijiensis) en plantas de banano (Musa AAA) con
y sin la aplicacién de fungicida,” AgroInnova, vol. 3, no 1, pp. 1-13, Jan. 2023.
https://revistas.tec.ac.cr/index.php/agroinn/article/view/6503/6351

A. Subert-Semanat, “Poster: Wireless sensor network to predict black sigatoka in banana cultivations,” in
Lecture Notes in Networks and Systems, Cham: Springer International Publishing, 2019, pp. 159-164.
https://doi.org/10.1007/978-3-319-95678-7 18

S. E. Aguirre Forero, N. V. Piraneque Gambasica, and R. Cruz-O’Byrne, “Relacién entre nutrientes con
carbono, nitrégeno y materia organica en suelos de la zona bananera de Colombia,” Rev. Investig. Agrar. y
Ambient., vol. 13, no. 2, pp. 93—112, Jun. 2022. https://doi.org/10.22490/21456453.5186

E. Etebu and W. Young-Harry, “Control of black sigatoka disease: Challenges and prospects,” African
Journal  of  Agricultural  Research, vol. 6, no. 3,  pp. 508-514,  Feb. 2011.
https://academicjournals.org/article/article1380878095 Etebu%20and%20Young-Harry.pdf

L. M. de Lima, E. A. Pozza, H. N. Torres, A. A. Alexandre Pozza M. Salgado, and L. H. Pfenning, “Relac¢éo
nitrogénio/potassio com mancha de Phoma e nutri¢do de mudas de cafeeiro em solucdo nutritiva,” Trop.
Plant Pathol., vol. 35, no. 4, pp. 223-228, Aug. 2010.

Pagina 25 | 30


https://doi.org/10.5897/ajar2017.12279
https://doi.org/10.3390/atmos11090947
https://doi.org/10.3390/plants11192581
https://doi.org/10.1016/j.jobe.2021.102877
https://doi.org/10.1016/j.mib.2022.102233
https://doi.org/10.1002/ppp3.10331
https://doi.org/10.22490/21456453.970
https://doi.org/10.4028/www.scientific.net/AMR.108-111.1158
https://doi.org/10.1007/978-3-030-19868-8_24
https://doi.org/10.3390/app10103456
https://doi.org/10.1007/s42360-021-00334-2
https://doi.org/10.1016/j.eng.2019.10.015
https://doi.org/10.3406/revec.2015.1822
https://doi.org/10.1016/j.wdp.2022.100476
https://doi.org/10.1016/j.jssas.2021.09.004
https://revistas.tec.ac.cr/index.php/agroinn/article/view/6503/6351
https://doi.org/10.1007/978-3-319-95678-7_18
https://doi.org/10.22490/21456453.5186
https://academicjournals.org/article/article1380878095_Etebu%20and%20Young-Harry.pdf

L. M. Torres et al. TecnoLégicas, Vol. 27, no. 61, e3158, 2024

(88]

https://www.scielo.br/j/tpp/a/MN93B4b6nDDhmr666zG4JFe/?lang=pt

A. S. Freitas, E. A. Pozza, M. C. Alves, G. Coelho, H. S. Rocha, and A. A. A. Pozza “Spatial distribution of
Yellow Sigatoka Leaf Spot correlated with soil fertility and plant nutrition,” Precis. Agric., vol. 17, no. 1,
pp. 93-107, Feb. 2016. https://doi.org/10.1007/s11119-015-9409-6

K. N. Mobambo, K. Zuofa, F. Gauhl, M. O. Adeniji, and C. Pasberg-Gauhl, “Effect of soil fertility on host
response to black leaf streak of plantain (Musaspp., AAB group) under traditional farming systems in
Southeastern Nigeria,” Int. J. Pest Manag., vol. 40, no. 1, pp. 75—-80, Nov. 2008.
https://doi.org/10.1080/09670879409371858

K. N. Mobambo, and M. Naku, “Situation de la cercosporiose noire des bananiers et plantains (Musa spp.)
sous différents systémes de culture a Yangambi, Haut-Zaire,” Tropicultura, vol. 11, no. 1, pp. 7-10, 1993.
http://www.tropicultura.org/text/vl1in1/7.pdf

dJ. Borges Pinheiro, E. Ampélio Pozza, A. A. Alexandre Pozza, A. de Souza Moreira, and M. Carvalho Alves,
“Severidade da ferrugem da soja em fung¢éo do suprimento de potdssio e calcio em solu¢do nutritiva,” Rev.
Ceres., vol. 58, no. 1, pp. 43-50, Feb. 2011. https://doi.org/10.1590/s0034-737x2011000100007

Y. Han, D. Y1, Y. Ye, X. Guo, and S. Liu, “Response of spatiotemporal variability in soil pH and associated
influencing factors to land use change in a red soil hilly region in southern China,” Catena, vol. 212, p.
106074, May. 2022. https://doi.org/10.1016/j.catena.2022.106074

G. B. Tesfahunegn, L. Tamene, and P. L. G. Vlek, “Catchment-scale spatial variability of soil properties
and implications on site-specific soil management in northern Ethiopia,” Soil Tillage Res., vol. 117, pp.
124-139, Dec. 2011. https://doi.org/10.1016/1.still.2011.09.005

G. Ayalew Tiruneh, T. Yilak Alemayehu, D. Tsegaye Meshesha, E. Adgo, G. Ayalew Tiruneh, and J. M.
Reichert, “Variability modeling and mapping of soil properties for improved management in Ethiopia,”
Agrosystems, Geosci. Environ., vol. 6, no. 1, p. e20357, Mar. 2023. https://doi.org/10.1002/agg2.20357

F.-F. Song et al., “Spatial variability of soil properties in red soil and its implications for site-specific
fertilizer management,” Journal of Integrative Agriculture, vol. 19, no. 9, pp. 2313-2325, Sep. 2020.
https://doi.org/10.1016/S2095-3119(20)63221-X

V. E. Rubio, and M. Detto, “Spatiotemporal variability of soil respiration in a seasonal tropical forest,”
Ecol. Evol., vol. 7, no. 17, pp. 7104-7116, Sep. 2017. https://doi.org/10.1002/ece3.3267

A. Gallardo, “Spatial Variability of Soil Properties in a Floodplain Forest in Northwest Spain,” Ecosystems,
vol. 6, no. 6, pp. 564-576, Oct. 2003. https://doi.org/10.1007/s10021-003-0198-9

E. Ozgéz, “Long term conventional tillage effect on spatial variability of some soil physical properties,” oJ.
Sustain. Agric., vol. 33, no. 2, pp. 142—-160, Feb. 2009. https://doi.org/10.1080/10440040802395056

Z. M. Wang et al., “Spatial variability and affecting factors of soil nutrients in croplands of Northeast
China: A case study in Dehui county,” Plant, Soil Environ., vol. 55, no. 3, pp. 110-120, Mar. 2009.
https://doi.org/10.17221/323-pse

dJ. Igbal, J. A. Thomasson, J. N. Jenkins, P. R. Owens, and F. D. Whisler, “Spatial Variability Analysis of
Soil Physical Properties of Alluvial Soils,” Soil Science Society of America Journal, vol. 69, no. 4, pp. 1338—
1350, Jul. 2005. https://doi.org/10.2136/sssaj2004.0154

S. Li, H. Yang, M. Lacayo, J. Liu, and G. Lei, “Impacts of land-use and land-cover changes on water yield:
A case study in Jing-Jin-Ji, China,” Sustainability, vol. 10, no. 4, p. 960, Mar. 2018.
https://doi.org/10.3390/su10040960

A. A. Malik et al., “Land use driven change in soil pH affects microbial carbon cycling processes,” Nat.
Commun., vol. 9, no. 1, p. 3591, Sep. 2018. https://doi.org/10.1038/s41467-018-05980-1

M. Gabarrén, R. Zornoza, S. Martinez-Martinez, V. A. Muiioz, A. Faz, and J. A. Acosta, “Effect of land use
and soil properties in the feasibility of two sequential extraction procedures for metals fractionation,”
Chemosphere, vol. 218, pp. 266—272, Mar. 2019. https://doi.org/10.1016/j.chemosphere.2018.11.114

W. Ouyang, Y. Wu, Z. Hao, Q. Zhang, Q. Bu, and X. Gao, “Combined impacts of land use and soil property
changes on soil erosion in a mollisol area under long-term agricultural development,” Science of The Total
Environment, vol. 613-614, pp. 798-809, Feb. 2018. https://doi.org/10.1016/].scitotenv.2017.09.173

S. Shamim Hasan, L. Zhen, Md. Giashuddin Miah, T. Ahamed, and A. Samie, “Impact of land use change
on ecosystem services: A review,” Environ. Dev., vol. 34, p. 100527, Jun. 2020.
https://doi.org/10.1016/j.envdev.2020.100527

T. Ramesh et al., “Soil organic carbon dynamics: Impact of land use changes and management practices: A
review,” in Advances in Agronomy, New York, NY, USA: Elsevier, 2019, pp. 1-107.
https://doi.org/10.1016/bs.agron.2019.02.001

dJ. C. Gomez-Correa, W. S. Torres-Aponte, D. G. Cayén-Salinas, L. M. Hoyos-Carvajal, and D. A. Castaieda-
Sanchez, “Modelacién espacial de la Sigatoka negra (Mycosphaerella fijiensis M. Morelet) en banano cv.
Gran Enano,” Rev. Ceres, vol. 64, no. 1, pp. 47-54, Jan-Feb. 2017.
https://doi.org/10.1590/0034-737X201764010007

0. M. da Rocha Junior, M. P. Saraiva Camara, S. J. Michereff, M. J. de-Oliveira, G. Mora-Aguilera, and N.

Pagina 26 | 30


https://www.scielo.br/j/tpp/a/MN93B4b6nDDhmr666zG4JFc/?lang=pt
https://doi.org/10.1007/s11119-015-9409-6
https://doi.org/10.1080/09670879409371858
http://www.tropicultura.org/text/v11n1/7.pdf
https://doi.org/10.1590/s0034-737x2011000100007
https://doi.org/10.1016/j.catena.2022.106074
https://doi.org/10.1016/j.still.2011.09.005
https://doi.org/10.1002/agg2.20357
https://doi.org/10.1016/S2095-3119(20)63221-X
https://doi.org/10.1002/ece3.3267
https://doi.org/10.1007/s10021-003-0198-9
https://doi.org/10.1080/10440040802395056
https://doi.org/10.17221/323-pse
https://doi.org/10.2136/sssaj2004.0154
https://doi.org/10.3390/su10040960
https://doi.org/10.1038/s41467-018-05980-1
https://doi.org/10.1016/j.chemosphere.2018.11.114
https://doi.org/10.1016/j.scitotenv.2017.09.173
https://doi.org/10.1016/j.envdev.2020.100527
https://doi.org/10.1016/bs.agron.2019.02.001
https://doi.org/10.1590/0034-737X201764010007

L. M. Torres et al. TecnoLégicas, Vol. 27, no. 61, e3158, 2024

(95]

[96]

[99]

[100]

[101]

[102]

[103]

[104]

[105]

[106]

[107]

Ruiz-Garcia, “Caracterizacion espacial de la sigatoka amarilla del banano e implicaciones en el muestreo,”
Agrociencia, vol. 44, no. 3, pp. 351-361, Apr-May. 2010.
http://www.scielo.org.mx/scielo.php?script=sci_arttext&pid=S1405-31952010000300009

P. J. M. Cooper, J. Dimes, K. P. C. Rao, B. Shapiro, B. Shiferaw, and S. Twomlow, “Coping better with
current climatic variability in the rain-fed farming systems of sub-Saharan Africa: An essential first step
in adapting to future climate change?,” Agriculture, Ecosystems & Environment, vol. 126, no. 1-2, pp. 24—
35, Jun. 2008. https://doi.org/10.1016/j.agee.2008.01.007

P. K. Thornton, P. G. Jones, G. Alagarswamy, and J. Andresen, “Spatial variation of crop yield response to
climate change in East Africa,” Glob. Environ. Chang., vol. 19, no. 1, pp. 54-65, Feb. 2009.
https://doi.org/10.1016/j.gloenvcha.2008.08.005

D. Schimel et al., “Contribution of increasing CO 2 and climate to carbon storage by ecosystems in the
United States,” Science, vol. 287, no. 5460, pp. 2004—2006, 2000.
https://doi.org/10.1126/science.287.5460.2004

S. Kumar Behera, A. Kumar Shukla, S. Pratap Pachauri, V. Shukla, Y. Sikaniya, and P. Chandra
Srivastava, “Spatio-temporal variability of available sulphur and micronutrients (Zn, Fe, Cu, Mn, B and
Mo) in soils of a hilly region of northern India,” Catena, vol. 226, p. 107082, Jun. 2023.
https://doi.org/10.1016/j.catena.2023.107082

I. Mubarak, J. C. Mailhol, R. Angulo-Jaramillo, P. Ruelle, P. Boivin, and M. Khaledian, “Temporal
variability in soil hydraulic properties under drip irrigation,” Geoderma, vol. 150, no. 1-2, pp. 158-165,
Apr. 2009. https://doi.org/10.1016/j.geoderma.2009.01.022

A. Schwen, G. Bodner, P. Scholl, G. D. Buchan, and W. Loiskandl, “Temporal dynamics of soil hydraulic
properties and the water-conducting porosity under different tillage,” Soil Tillage Res., vol. 113, no. 2, pp.
89-98, Jun. 2011. https://doi.org/10.1016/].still.2011.02.005

M. Feki, G. Ravazzani, A. Ceppi, and M. Mancini, “Influence of soil hydraulic variability on soil moisture
simulations and irrigation scheduling in a maize field,” Agric. Water Manag., vol. 202, pp. 183-194, Apr.
2018. https://doi.org/10.1016/j.agwat.2018.02.024

A. Tomaz et al., “Insights into the Spatial and Temporal Variability of Soil Attributes in Irrigated Farm
Fields and Correlations with Management Practices: A Multivariate Statistical Approach,” Water, vol. 14,
no. 20, p. 3216. Oct. 2022. https://doi.org/10.3390/w14203216

C. Li, X. Wang, and M. Qin, “Spatial variability of soil nutrients in seasonal rivers: A case study from the
Guo River Basin, China,” PLoS One, vol. 16, mno. 3, p. 0248655, Mar. 2021.
https://doi.org/10.1371/journal.pone.0248655

D. Xu, and A. Mermoud, “Modeling the soil water balance based on time-dependent hydraulic conductivity
under different tillage practices,” Agric. Water Manag., vol. 63, no. 2, pp. 139-151, Dec. 2003.
https://doi.org/10.1016/S0378-3774(03)00180-X

Y. Liu, and Y. Yang, “Spatial-temporal variability pattern of multi-depth soil moisture jointly driven by
climatic and human factors in China,” J. Hydrol., vol. 619, p. 129313, Apr. 2023.
https://doi.org/10.1016/j.jhydrol.2023.129313

X. Zhang, D.-Q. Xiang, C. Yang, W. Wu, and L. Hong-Bin, “The spatial variability of temporal changes in
soil pH affected by topography and fertilization,” CATENA, vol. 218, p. 106586, Nov. 2022.
https://doi.org/10.1016/j.catena.2022.106586

Md. I. Bhuyan, S. Mia, I. Supit, and F. Ludwig, “Spatio-temporal variability in soil and water salinity in
the south-central coast of Bangladesh,” CATENA, vol. 222, p. 106786, Mar. 2023.
https://doi.org/10.1016/j.catena.2022.106786

L. Xu, H. Du, and X. Zhang, “Spatial distribution characteristics of soil salinity and moisture and its
influence on agricultural irrigation in the Ili River Valley, China,” Sustain., vol. 11, no. 24, p. 7142, Dec.
2019. https://doi.org/10.3390/su11247142

R. Wang, R. Zou, J. Liu, L. Liu, and Y. Hu, “Spatial distribution of soil nutrients in farmland in a hilly
region of the pearl river delta in China based on geostatistics and the inverse distance weighting method,”
Agriculture, vol. 11, no. 1, p. 50, Jan. 2021. https://doi.org/10.3390/agriculture11010050

M. Jalali, S. Karami, and A. Fatehi Marj, “On the problem of the spatial distribution delineation of the
groundwater quality indicators via multivariate statistical and geostatistical approaches,” Environ. Monit.
Assess., vol. 191, no. S2, Jun. 2019. https://doi.org/10.1007/s10661-019-7432-1

R. Abdulmanov, I. Miftakhov, M. Ishbulatov, E. Galeev, and E. Shafeeva, “Comparison of the effectiveness
of GIS-based interpolation methods for estimating the spatial distribution of agrochemical soil properties,”
Environ. Technol. Innov., vol. 24, p. 101970, Nov. 2021. https://doi.org/10.1016/1.eti.2021.101970

S. Eljebri, M. Mounir, A. T. Faroukh, A. Zouahri, and R. Tellal, “Application of geostatistical methods for
the spatial distribution of soils in the irrigated plain of Doukkala, Morocco,” Model. Earth Syst. Environ.,
vol. 5, no. 2, pp. 669—687, Nov. 2019. https://doi.org/10.1007/s40808-018-0558-2

M. A. E. AbdelRahman, Y. M. Zakarya, M. M. Metwaly, and G. Koubouris, “Deciphering soil spatial

Pagina 27 | 30


http://www.scielo.org.mx/scielo.php?script=sci_arttext&pid=S1405-31952010000300009
https://doi.org/10.1016/j.agee.2008.01.007
https://doi.org/10.1016/j.gloenvcha.2008.08.005
https://doi.org/10.1126/science.287.5460.2004
https://doi.org/10.1016/j.catena.2023.107082
https://doi.org/10.1016/j.geoderma.2009.01.022
https://doi.org/10.1016/j.still.2011.02.005
https://doi.org/10.1016/j.agwat.2018.02.024
https://doi.org/10.3390/w14203216
https://doi.org/10.1371/journal.pone.0248655
https://doi.org/10.1016/S0378-3774(03)00180-X
https://doi.org/10.1016/j.jhydrol.2023.129313
https://doi.org/10.1016/j.catena.2022.106586
https://doi.org/10.1016/j.catena.2022.106786
https://doi.org/10.3390/su11247142
https://doi.org/10.3390/agriculture11010050
https://doi.org/10.1007/s10661-019-7432-1
https://doi.org/10.1016/j.eti.2021.101970
https://doi.org/10.1007/s40808-018-0558-2

L. M. Torres et al. TecnoLégicas, Vol. 27, no. 61, e3158, 2024

[108]

[109]

[110]

[111]

[112]
[113]
[114]
[115]
[116]
(117]
[118]

[119]

[120]

[121]

[122]

[123]

[124]

[125]

[126]

[127]

[128]

[129]

variability through geostatistics and interpolation techniques,” Sustain., vol. 13, no. 1, p. 194, Dec. 2021.
https://doi.org/10.3390/su13010194

S. Selmy, S. A. El-Aziz, A. El-Desoky, and M. El-Sayed, “Characterizing, predicting, and mapping of soil
spatial variability in Gharb El-Mawhoub area of Dakhla Oasis using geostatistics and GIS approaches,”
J. Saudi Soc. Agric. Sci., vol. 21, no. 6, pp. 383-396, Sep. 2022. https://doi.org/10.1016/].jssas.2021.10.013
A. Castrignano et al., “A geostatistical sensor data fusion approach for delineating homogeneous
management zones in Precision Agriculture,” CATENA, vol. 167, pp. 293-304, Aug. 2018.
https://doi.org/10.1016/j.catena.2018.05.011

E. Jahanshiri et al., “Spatial soil analysis using geostatistical analysis and map Algebra,” Arab. J. Geosci.,
vol. 8, no. 11, pp. 9775-9788, Nov. 2015. https://doi.org/10.1007/s12517-015-1912-6

R. Anand Krishnan, J. Ansari, M. Sundararajan, C. John, and P. M. Saharuba, “Groundwater quality
assessment using multivariate statistical methods for chavara aquifer system, Kerala, Indiam,” in GIS
and Geostatistical Techniques for Groundwater Science, New York, NY, USA: Elsevier, 2019, pp. 113-131.
https://doi.org/10.1016/B978-0-12-815413-7.00009-2

P. Burrough, “GIS and geostatistics: Essential partners for spatial analysis,” Environ. Ecol. Stat., vol. 8,
pp. 361-377, Dec. 2001. https://doi.org/10.1023/A:1012734519752

L. Cucala, M. Genin, F. Occelli, and J. Soula, “A multivariate nonparametric scan statistic for spatial data,”
Spatial Statistics, vol. 29, pp. 1-14, Mar. 2019. https://doi.org/10.1016/j.spasta.2018.10.002

R. P. Gupta, Remote Sensing Geology, 2nd ed. Berlin, Heidelberg: Springer Berlin Heidelberg, 2018.
https://doi.org/10.1007/978-3-662-55876-8

D. J. Mulla, “Modeling and Mapping Soil Spatial and Temporal Variability,” in Hydropedology, New York,
NY, USA: Elsevier, 2012, pp. 637-664. https://doi.org/10.1016/B978-0-12-386941-8.00020-4

G. B. M. Heuvelink and R. Webster, “Modelling soil variation: past, present, and future,” Geoderma, vol.
100, no. 3-4, pp. 269-301, May. 2001. https://doi.org/10.1016/S0016-7061(01)00025-8

P. A. Burrough, J. Bouma, and S. R. Yates, “The state of the art in pedometrics,” Geoderma, vol. 62, no. 1-
3, pp. 311-326, Mar. 1994. https://doi.org/10.1016/0016-7061(94)90043-4

V. Pandey, and P. K. Pandey, “Spatial and Temporal Variability of Soil Moisture,” Int. J. Geosci., vol. 01,
no. 02, pp. 87-98, Aug. 2010. https://doi.org/10.4236/ijg.2010.12012

E. Lutfi Aksakal, K. Barik, I. Angin, S. Sari, and K. Rafiq Islam, “Spatio-temporal variability in physical
properties of different textured soils under similar management and semi-arid climatic conditions,”
Catena, vol. 172, pp. 528-546, Jan. 2019. https://doi.org/10.1016/j.catena.2018.09.017

F. Kazemi, and N. Hosseinpour, “GIS-based land-use suitability analysis for urban agriculture
development based on pollution distributions,” Land use policy, vol. 123, p. 106426, Dec. 2022.
https://doi.org/10.1016/j.landusepol.2022.106426

M. Weiss, F. Jacob, and G. Duveiller, “Remote sensing for agricultural applications: A meta-review,”
Remote Sens. Environ., vol. 236, p. 111402, Jan. 2020. https://doi.org/10.1016/j.rse.2019.111402

S. N. Arriaga-Garcia, W. G. Meza-Cabrera, and V. F. Painii-Montero, “Uso de drones para el control de
sigatoka negra (Mycosphaerella fijiensis) Vinces, Ecuador,” vol. 1, no. 2, pp. 25-33, Aug. 2022.
https://doi.org/10.53591/recoa.v1i2.93

D. Luna-Moreno et al., “Early detection of the fungal banana black sigatoka pathogen Pseudocercospora
fijiensis by an SPR immunosensor method,” Sensors, vol. 19, no. 3, p. 465, dJan. 2019.
https://doi.org/10.3390/s19030465

D. Ochoa et al., “Hyperspectral imaging system for disease scanning on banana plants,” in Proceedings
Volume 9864, Sensing for Agriculture and Food Quality and Safety VIII, Bellingham, Washington, EUA,
2016, p. 98640M. https://doi.org/10.1117/12.2224242

M. C. de Alves et al., “Geostatistical analysis of the spatial variation of the berry borer and leaf miner in a
coffee agroecosystem,” Precis. Agric., vol. 12, no. 1, pp. 18-31, Feb. 2011. https://doi.org/10.1007/s11119-
009-9151-7

M. Ali Imran, A. Ali, M. Ashfaq, S. Hassan, R. Culas, and C. Ma, “Impact of Climate Smart Agriculture
(CSA) practices on cotton production and livelihood of farmers in Punjab, Pakistan,” Sustain., vol. 10, no.
6, p. 2101, Jun. 2018. https://doi.org/10.3390/su10062101

M. de Carvalho Alves, F. Moreira da Silva, E. Ampélio Pozza, and M. Silva de Oliveira, “Modeling spatial
variability and pattern of rust and brown eye spot in coffee agroecosystem,” oJ. Pest Sci., vol. 82, no. 2, pp.
137-148, May. 2009. https://doi.org/10.1007/s10340-008-0232-y

J. Ram Lamichhane, A. Fabi, R. Ridolfi, and L. Varvaro, “Epidemiological Study of Hazelnut Bacterial
Blight in Central Italy by Using Laboratory Analysis and Geostatistics,” PLoS One, vol. 8, no. 2, Feb. 2013.
https://doi.org/10.1371/journal.pone.0056298

B. Li et al., “Application of geographic information systems to identify the oversummering regions of
Blumeria graminis f. sp. tritici in China,” Plant Dis., vol. 97, no. 9, pp. 1168-1174, Aug. 2013.
https://doi.org/10.1094/PDIS-10-12-0957-RE

Pagina 28 | 30


https://doi.org/10.3390/su13010194
https://doi.org/10.1016/j.jssas.2021.10.013
https://doi.org/10.1016/j.catena.2018.05.011
https://doi.org/10.1007/s12517-015-1912-6
https://doi.org/10.1016/B978-0-12-815413-7.00009-2
https://doi.org/10.1023/A:1012734519752
https://doi.org/10.1016/j.spasta.2018.10.002
https://doi.org/10.1007/978-3-662-55876-8
https://doi.org/10.1016/B978-0-12-386941-8.00020-4
https://doi.org/10.1016/S0016-7061(01)00025-8
https://doi.org/10.1016/0016-7061(94)90043-4
https://doi.org/10.4236/ijg.2010.12012
https://doi.org/10.1016/j.catena.2018.09.017
https://doi.org/10.1016/j.landusepol.2022.106426
https://doi.org/10.1016/j.rse.2019.111402
https://doi.org/10.53591/recoa.v1i2.93
https://doi.org/10.3390/s19030465
https://doi.org/10.1117/12.2224242
https://doi.org/10.1007/s11119-009-9151-z
https://doi.org/10.1007/s11119-009-9151-z
https://doi.org/10.3390/su10062101
https://doi.org/10.1007/s10340-008-0232-y
https://doi.org/10.1371/journal.pone.0056298
https://doi.org/10.1094/PDIS-10-12-0957-RE

L. M. Torres et al. TecnoLégicas, Vol. 27, no. 61, e3158, 2024

[130]

[131]

[132]

[133]

[134]

[135]

[136]

[137]

[138]

[139]

[140]

[141]

[142]

[143]

[144]

[145]

[146]

[147]

[148]

M. Z. Khan, M. A. Islam, M. Sadiqul Amin, and M. M. R. Bhuiyan, “Spatial variability and geostatistical
analysis of selected soil,” Bangladesh <J. Sci. Ind. Res., vol. 54, no. 1, pp. 55-66, Mar. 2019.
https://doi.org/10.3329/bjsir.v54i1.40731

P. Kumar Shit, G. Sankar Bhunia, and R. Maiti, “Spatial analysis of soil properties using GIS based
geostatistics models,” Model. Earth Syst. Environ., vol. 2, mno. 107, Jun. 2016.
https://doi.org/10.1007/s40808-016-0160-4

Md. Z. Khan, Md. R. Islam, A. B. Abdus Salam, and T. Ray, “Spatial variability and geostatistical analysis
of soil properties in the diversified cropping regions of Bangladesh using geographic information system
techniques,” Appl. Environ. Soil Sci., vol. 2021, pp. 1-19, Jun. 2021. https://doi.org/10.1155/2021/6639180
C. A. Cambardella et al., “Field-Scale Variability of Soil Properties in Central Iowa Soils,” Soil Sci. Soc.
Am. dJ., vol. 58, no. 5, pp. 1501-1511, Sep. 1994. https://doi.org/10.2136/sssaj1994.03615995005800050033x
D. J. Mulla, and A. B. McBratney, “Soil spatial variability,” in Soil physics companion, Boca Raton, FL,
USA: CRC Press, 2001, pp. 343-3717.
http://www.scopus.com/inward/record.url?scp=79951712310&partnerID=8YFLogxK

A. M. J.-C. Wadougx, I. O. A. Odeh, and A. B. McBratney, “Overview of Pedometrics,” in Encyclopedia of
Soils in the Environment, New York, NY, USA: Elsevier, 2023, pp. 471-485. https://doi.org/10.1016/B978-
0-12-822974-3.00001-X

T. Tun Hlaing, S. Swe Mar, C. Su Lwin, H. Htay Oo, and K. Ngwe, “Spatial Variability and Mapping of
Soil Properties Using GIS- Based Geostatistic in Myanmar,” IJERD - International Journal of
Environmental and Rural Development, vol. 12, no. 1, pp. 15-21, 2021. https://iserd.net/ijerd121/IJERD12-
1.pdf#page=20

P. Goovaerts, “Geostatistics in soil science: state-of-the-art and perspectives,” Geoderma, vol. 89, no. 1-2,
pp. 1-45, Apr. 1999. https://doi.org/10.1016/S0016-7061(98)00078-0

Intergovernmental Panel on Climate Change (IPCC), “Climate Change Information for Regional Impact
and for Risk Assessment,” in Climate Change 2021 — The Physical Science Basis: Working Group I
Contribution to the Sixth Assessment Report of the Intergovernmental Panel on Climate Change, V. Masson-
Delmotte et al., Eds., Cambridge: Cambridge University Press, 2023, pp. 1767-1926.
https://www.cambridge.org/core/books/climate-change-2021-the-physical-science-basis/climate-change-
information-for-regional-impact-and-for-risk-assessment/D2COECDB04AAC41589CB847092F0A5E4

H. Azadi et al., “Rethinking resilient agriculture: From Climate-Smart Agriculture to Vulnerable-Smart
Agriculture,” dJ. Clean. Prod., vol. 319, no. January, p- 128602, 2021.
https://doi.org/10.1016/].jclepro.2021.128602

IPCC, “Climate Change 2007: Impacts, Adaptation and Vulnerability,” in Contribution of Working Group
II to the Fourth Assessment Report of the Intergovernmental Panel on Climate Change, M.L. Parry, O.F.
Canziani, J.P. Palutikof, P.J. van der Linden, and C.E. Hanson, Eds., Cambridge, UK: Cambridge
University Press, 2007. https://www.ipcc.ch/site/assets/uploads/2018/03/ar4 wg2 full report.pdf

P. Arunanondchai, C. Fei, A. Fisher, B. A. McCarl, W. Wang, and Y. Yang, “How does climate change affect
agriculture?,” in The Routledge Handbook of Agricultural Economics, Abingdon-on-Thames, UK:
Routledge, 2018, p. 20. https://www.taylorfrancis.com/chapters/edit/10.4324/9781315623351-12/climate-
change-affect-agriculture-panit-arunanondchai-chengcheng-fei-anthony-fisher-bruce-meccarl-weiwei-
wang-yingqian-yang?context=ubx&refld=fa369d6e-b05f-49d4-a126-cae8f0ab24d7

A. Raza et al., “Impact of climate change on crops adaptation and strategies to tackle its outcome: A
review,” Plants, vol. 8, no. 2, p. 34, Jan. 2019. https://doi.org/10.3390/plants8020034

M. Seebauer, “Whole farm quantification of GHG emissions within smallholder farms in developing
countries,” Environ. Res. Lett., vol. 9, no. 3, p. 035006, Mar. 2014.
https://doi.org/10.1088/1748-9326/9/3/035006

M. Q. Zhao, M. Li, and Y. F. Shi, “Carbon storage and carbon dioxide sequestration of banana plants at
different growth stages,” Adv. Mater. Res., vol. 1010-1012, pp. 662—665, Aug. 2014.
https://doi.org/10.4028/www.scientific.net/AMR.1010-1012.662

E. G. Jobbagy, and R. B. Jackson, “The vertical distribution of soil organic carbon and its relation to climate
and vegetation,” Ecol. Appl., vol. 10, no. 2, pp. 423—-436, Apr. 2000.
https://doi.org/10.1890/1051-0761(2000)010[0423:TVDOS0]2.0.CO:2

I. Ezquer, I. Salameh, L. Colombo, and P. Kalaitzis, “Plant cell walls tackling climate change:
Biotechnological strategies to improve crop adaptations and photosynthesis in response to global
warming,” Plants, vol. 9, no. 2, p. 212, Feb. 2020. https://doi.org/10.3390/plants9020212

E. R. Kasper Fernandes, C. Marangoni, O. Souza, and N. Sellin, “Thermochemical characterization of
banana leaves as a potential energy source,” Energy Convers. Manag., vol. 75, pp. 603—608, Nov. 2013.
http://dx.doi.org/10.1016/j.enconman.2013.08.008

A. Belén-Guerrero, P. L. Aguado, J. Sanchez, and M. D. Curt, “GIS-Based Assessment of Banana Residual
Biomass Potential for Ethanol Production and Power Generation : A Case Study,” Waste Biomass Valor.,

Pagina 29 | 30


https://doi.org/10.3329/bjsir.v54i1.40731
https://doi.org/10.1007/s40808-016-0160-4
https://doi.org/10.1155/2021/6639180
https://doi.org/10.2136/sssaj1994.03615995005800050033x
http://www.scopus.com/inward/record.url?scp=79951712310&partnerID=8YFLogxK
https://doi.org/10.1016/B978-0-12-822974-3.00001-X
https://doi.org/10.1016/B978-0-12-822974-3.00001-X
https://iserd.net/ijerd121/IJERD12-1.pdf#page=20
https://iserd.net/ijerd121/IJERD12-1.pdf#page=20
https://doi.org/10.1016/S0016-7061(98)00078-0
https://www.cambridge.org/core/books/climate-change-2021-the-physical-science-basis/climate-change-information-for-regional-impact-and-for-risk-assessment/D2C0ECDB04AAC41589CB847092F0A5E4
https://www.cambridge.org/core/books/climate-change-2021-the-physical-science-basis/climate-change-information-for-regional-impact-and-for-risk-assessment/D2C0ECDB04AAC41589CB847092F0A5E4
https://doi.org/10.1016/j.jclepro.2021.128602
https://www.ipcc.ch/site/assets/uploads/2018/03/ar4_wg2_full_report.pdf
https://www.taylorfrancis.com/chapters/edit/10.4324/9781315623351-12/climate-change-affect-agriculture-panit-arunanondchai-chengcheng-fei-anthony-fisher-bruce-mccarl-weiwei-wang-yingqian-yang?context=ubx&refId=fa369d6e-b05f-49d4-a126-cae8f0ab24d7
https://www.taylorfrancis.com/chapters/edit/10.4324/9781315623351-12/climate-change-affect-agriculture-panit-arunanondchai-chengcheng-fei-anthony-fisher-bruce-mccarl-weiwei-wang-yingqian-yang?context=ubx&refId=fa369d6e-b05f-49d4-a126-cae8f0ab24d7
https://www.taylorfrancis.com/chapters/edit/10.4324/9781315623351-12/climate-change-affect-agriculture-panit-arunanondchai-chengcheng-fei-anthony-fisher-bruce-mccarl-weiwei-wang-yingqian-yang?context=ubx&refId=fa369d6e-b05f-49d4-a126-cae8f0ab24d7
https://doi.org/10.3390/plants8020034
https://doi.org/10.1088/1748-9326/9/3/035006
https://doi.org/10.4028/www.scientific.net/AMR.1010-1012.662
https://doi.org/10.1890/1051-0761(2000)010%5b0423:TVDOSO%5d2.0.CO;2
https://doi.org/10.3390/plants9020212
http://dx.doi.org/10.1016/j.enconman.2013.08.008

L. M. Torres et al. TecnoLégicas, Vol. 27, no. 61, e3158, 2024

[149]

[150]

[151]

[152]

[153]

[154]

[155]

[156]

[157]

[158]

vol. 7, no. 2, pp. 405—415, Apr. 2016. https://doi.org/10.1007/s12649-015-9455-3

J. A. Ortiz-Ulloa, M. F. Abril-Gonzalez, M. R. Pelaez-Samaniego, and T. S. Zalamea-Piedra, “Biomass yield
and carbon abatement potential of banana crops (Musa spp.) in Ecuador,” Environ. Sci. Pollut. Res., vol.
28, no. 15, pp. 18741-18753, Apr. 2021. https://doi.org/10.1007/s11356-020-09755-4

R. Lal, “Forest soils and carbon sequestration,” For. Ecol. Manage., vol. 220, no. 1-3, pp. 242-258, Dec.
2005. https://doi.org/10.1016/j.foreco.2005.08.015

A. Datta et al., “Climate smart agricultural practices improve soil quality through organic carbon
enrichment and lower greenhouse gas emissions in farms of bread bowl of India,” Soil Res., vol. 60, no. 6,
pp. 4565-469, Mar. 2022. https://doi.org/https://doi.org/10.1071/SR21031

V. Martinsen, J. L. Munera-echeverri, A. Obia, G. Cornelissen, and J. Mulder, “Significant build-up of soil
organic carbon under climate-smart conservation farming in Sub-Saharan Acrisols,” Sci. Total Environ.,
vol. 660, pp. 97-104, Apr. 2019. https://doi.org/10.1016/].scitotenv.2018.12.452

S. Das, S. Chatterjee, and J. Rajbanshi, “Responses of soil organic carbon to conservation practices
including climate-smart agriculture in tropical and subtropical regions: A meta-analysis,” Sci. Total
Environ., vol. 805, p. 150428, Jan. 2022. https://doi.org/10.1016/].scitotenv.2021.150428

F. Martinelli et al., “Advanced methods of plant disease detection. A review,” Agron. Sustain. Dev., vol. 35,
no. 1, pp. 1-25, Jan. 2015. https://doi.org/10.1007/s13593-014-0246-1

S. E. Arman, M. A. Baki Bhuiyan, H. Muhammad Abdullah, S. Islam, T. T. Chowdhury, and Md. A.
Hossain, “BananalLSD: A banana leaf images dataset for classification of banana leaf diseases using
machine learning,” Data Br., vol. 50, p. 109608, Oct. 2023. https://doi.org/10.1016/1.dib.2023.109608

S. S. Harakannanavar, J. M. Rudagi, V. I. Puranikmath, A. Siddiqua, and R. Pramodhini, “Plant leaf
disease detection using computer vision and machine learning algorithms,” Glob. Transitions Proc., vol. 3,
no. 1, pp. 305-310, Jun. 2022. https://doi.org/10.1016/].gltp.2022.03.016

C. Sarkar, D. Gupta, U. Gupta, and B. B. Hazarika, “Leaf disease detection using machine learning and
deep learning: Review and challenges,” Appl. Soft Comput., vol. 145, p. 110534, Sep. 2023.
https://doi.org/10.1016/j.as0¢.2023.110534

H. M. Abdullah et al.,, “Present and future scopes and challenges of plant pest and disease (P&D)
monitoring: Remote sensing, image processing, and artificial intelligence perspectives,” Remote Sens. Appl.
Soc. Environ., vol. 32, p. 100996, Nov. 2023. https://doi.org/10.1016/j.rsase.2023.100996

Pégina 30 | 30


https://doi.org/10.1007/s12649-015-9455-3
https://doi.org/10.1007/s11356-020-09755-4
https://doi.org/10.1016/j.foreco.2005.08.015
https://doi.org/https:/doi.org/10.1071/SR21031
https://doi.org/10.1016/j.scitotenv.2018.12.452
https://doi.org/10.1016/j.scitotenv.2021.150428
https://doi.org/10.1007/s13593-014-0246-1
https://doi.org/10.1016/j.dib.2023.109608
https://doi.org/10.1016/j.gltp.2022.03.016
https://doi.org/10.1016/j.asoc.2023.110534
https://doi.org/10.1016/j.rsase.2023.100996

	1. INTRODUCTION
	2. METHODOLOGICAL ASPECTS
	2.1 Literature search strategy
	2.2 Data filtering
	2.3 Analysis of publications

	3. RESULTS AND DISCUSSION
	3.1 Characterization of the selected articles
	3.2 Strategies to cope with climate change
	3.3 Global expansion of the Black Sigatoka
	3.4 Climate and the Black Sigatoka
	3.5 Soil and Black Sigatoka
	3.6 Soil seen by spatiotemporal variability
	3.6.1 Spatial variability of soils
	3.6.2 Temporal soil variability

	3.7 Application of geostatistical techniques and GIS for pest and disease detection
	3.8 Climate variability and detection of Black Sigatoka in Bananas
	3.9 Geostatistics and soul sampling
	3.10 The future challenge of climate change on the detection of Black Sigatoka in Bananas

	4. CONCLUSIONS
	5. ACKNOWLEDGEMENT AND FUNDING
	6. REFERENCES

